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PREDICTING TEACHER EFFECTIVENESS
Abstract
“What makes a good teacher” is a question that many people interested in education try
to answer, whether they are school administrators, education faculty, parents of a K-12 student,
or politicians. For several decades, policy makers have been searching for ways to measure
teacher effectiveness, primarily through student standardized assessments. Recently, there has
been a resurgence of interested educators and education researchers who are working to find
alternative ways to measure teacher effectiveness instead of relying solely on the individual
students’ standardized assessment scores. This study sought to predict novice teacher
effectiveness through performance assessment and to determine how novice teachers perceive
teacher effectiveness. This study utilized quantitative assessment from existing data sets of a
midsized, Midwestern university’s teacher preparation program. Data were collected during the
participants’ student teaching experience through the external, licensure assessment edTPA.
Further data were collected through the Common Metrics Exit, Transition to Teaching and
Supervisor Surveys at the completion of the participants’ teacher preparation program and at the
end of the first year of teaching. These quantitative data sets were analyzed for a four-year time
period using correlation factor analysis.
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CHAPTER 1
INTRODUCTION
Introduction
During the last decade, educators and teacher preparation program representatives have
worked to reclaim accountability for teacher effectiveness from policy makers. Performance
assessments and perception surveys are two tools that professional educators have employed to
measure the effectiveness of teacher preparation and to constructively guide its improvement.
For example, teacher educators have increasingly adopted the Educative Teacher Performance
Assessment (edTPA; Stanford Center for Assessment, Learning and Equity [SCALE], 2019) to
fulfill licensure requirements (American Association of Colleges of Teacher Education
[AACTE], 2019). It provides a rubric score based on a portfolio created by the teachercandidate. To gain feedback for improvement, some teacher preparation programs (TPPs) also
employ surveys such as the Network for Excellence in Teaching (NExT) Common Metrics (CM)
surveys (NExT Teacher Effectiveness Work Group [NExT Working Group], 2018). That set of
four surveys measures perceptions beginning in the introductory education course, again during
the completion semester then, is sent to a teacher and his or her supervisor upon completion of
their first year of teaching to gather perceived feedback on the teacher’s effectiveness. In this
investigation, the researcher compared scores from the edTPA performance assessment with
measures of teacher effectiveness from the CM survey to identify if the edTPA has predictive
value. If so, the edTPA rubric could provide areas of professional development focus for a firstyear teacher.
Brief Literature Review
Teacher accountability. In the late 1990s and early 2000s, there was a politician-driven
movement to hold TPPs accountable for the effectiveness of classroom teachers (Cochran-Smith
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et al., 2018). The movement scrutinized teacher quality by focusing on teacher qualifications and
credentials through policies including No Child Left Behind and Race to the Top (CochranSmith et al., 2018). More recently, the movement has shifted from qualifications and credentials
to evaluation metrics of teacher effectiveness.
Cochran-Smith and collaborators (2018) laid out four measures for evaluating the
effectiveness of teacher preparation programs: (a) Title II Report on Teacher Preparation Data,
(b) national accreditation from The Council for the Accreditation of Educator Preparation
(CAEP), (c) evaluation by The National Council for Teacher Quality (NCTQ), and (d) the
Educative Teacher Performance Assessment (edTPA). Through these four initiatives, teacher
effectiveness “has become a major focus of policy attention, teacher evaluation is currently the
primary tool being promoted to improve it” (Darling-Hammond, 2013, p. 2). However,
evaluation alone will not improve teacher effectiveness.
Teacher effectiveness measures. Some state education boards utilize value-added means
to determine teachers’ effectiveness. For example, New York and Wisconsin officials employ
value-added measures to determine teacher retention and salary. These value-added metrics are
based on change in students’ scores from annual standardized tests. These student test scores also
reflect on the teacher preparation program that the teacher completed and putatively reflect a
“value-added” measure of teacher effectiveness and teacher preparation program effectiveness.
Cochran-Smith et al. (2018) noted numerous ways that value-added measures, and policies
surrounding the measure, are hurtful for education as a system, teachers, students, and all
involved.
On the other hand, some states focus less on student outputs and more on teacher
preparedness in their TPP. For example, the educator licensing board in Minnesota uses
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benchmarks for initial licensure including successful completion of a TPP, passing standardized
summative assessments in the content and pedagogy areas, and passing the edTPA performance
assessment (Minn. R. 8705, 2017). While teacher educators work to support active learning and
differentiated instruction, not all state licensing boards promote that through licensure
requirements. However, the performance assessment inclusion within the state’s licensing board
requirements shows an understanding of the importance of including active, student-centered
learning in the classroom.
Performance assessments. A performance assessment is utilized in many occupations as
a portal for entry into the labor force having indicated that the employee will have the skills and
knowledge to successfully perform on the job. In the United States education system,
administrators inform teachers that they must be highly qualified, good, successful, and effective
at their jobs. However, there is often little to explain what those descriptors mean in terms of
teacher effectiveness regarding student learning. Through the adoption of a teacher performance
assessment, a standardized ideal can be used to help clarify the “Who is a good teacher?” and
“Who is highly qualified?” questions. While one performance assessment likely will not fully
answer those questions, the assessment allows the conversation to move forward and to clarify
particular areas of teaching practice for members of significant constituencies, TPPs, teachers,
and hiring administrators; thus, ensuring they hire qualified and quality teachers, and to improve
teacher preparation programs.
While there are several evaluative options such as the Educative Teacher Performance
Assessment (edTPA; AACTE, 2019), the Tripod Student Survey (Tripod Education Partners,
2019), and observation frameworks such as Charlotte Danielson’s (2013) Framework for
Teaching or Marzano’s (2007) Framework for Effective Instruction, edTPA is the assessment of
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choice currently in the United States for TPPs. The AACTE’s (2019) recent report on Colleges
of Education across the nation indicated that “some 2,300 colleges and universities, or one third
of all postsecondary institutions, award degrees and/or certificates in education” (para. 3). In
fact, the AACTE (2019) stated that the “performance-based, subject-specific assessment
[is]…used by more than 800 teacher preparation programs in some 40 states to emphasize,
measure and support the skills and knowledge that all teachers need from Day 1 in the
classroom” (para. 3).
The edTPA, which is portfolio-based, consists of three main task areas: Planning,
Instruction, and Assessment. This means that teacher candidates submit teaching documents,
video clips of themselves teaching, and assessment data from the students they taught, alongside
the written commentaries as evidence of their teaching ability. The edTPA assessment,
developed by Stanford Center for Assessment, Learning, and Equity (SCALE) and administered
by Pearson, Inc., goes beyond a typical summative content knowledge exam, and asks teacher
candidates to showcase their understanding and skillset during their student teaching experience
(AACTE, 2019).
The topic of edTPA and teacher licensure has been a pressing issue within Minnesota
since the 2013-2014 academic year. Beginning in fall of 2014, the Minnesota Professional
Educators Licensing Standards Board (PELSB), formerly, Minnesota Board of Teaching, added
to the legislative teacher licensure, administrative rules that students needed to complete the
performance assessment. Licensing executive, Emily Busta stated that “if the edTPA is scored to
be incomplete, PELSB assumes that the candidate did not complete the required state-approved
performance assessment” (electronic communication, April 19, 2019). While this rule went into
effect and completion was required for teacher candidates, it did not impact them largely because
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they could receive any score except an incomplete to be eligible for licensure. A minimum cut
score was and is not currently enforced at the state level. However, for TPPs in Minnesota, the
scores of their teacher candidates are more consequential. Every single teacher preparation
program must have seventy percent of all their program completers pass the state selected
performance-based assessment, the edTPA, to remain state accredited (Minn. R. 8705, 2017).
Any time new assessments are introduced, there is always concern amongst educators and testtakers if the assessment is valid, effective, and questioned for bias towards or against a particular
group. For example, if the assessment favors middle- to higher-income students.
There have been several studies conducted to show the predictive validity of the edTPA.
Goldhaber, Cowan, and Theobald’s (2017) study showed relational value between edTPA scores
from teacher candidates to the effectiveness of the first-year teacher’s performance. Their study
also showed, in a few instances, examples where a teacher was effective in increasing student
test scores but had a low edTPA score during the student teaching semester. This limited finding
provides a glimpse into a gap in research that could be filled through this dissertation project.
Essentially, is there a procedural way to determine if the edTPA rubric and cumulative task
scores are a way to provide teacher candidates with a professional development plan for their
first year of teaching? If the edTPA scores are able to be useful in becoming a predictor, the
professional development maps for a novice teacher will help to fill teacher effectiveness gap
areas. However, if the edTPA scores do not appear to be a useful predictor of novice teacher
effectiveness, then the study may help to provide guidance on how to reduce the stress level to
ensure edTPA is not high stakes for teacher candidates.
Teacher effectiveness of new teachers. Novice teachers are often held to the same
standard for teacher evaluation and teaching effectiveness as veteran teachers. However, the
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veteran teacher has years of on-the-job experience, in addition to the teacher preparation program
instruction, and countless hours of professional development while in a teaching position. A
novice teacher may be limited in proficiency in particular areas since his or her background
experience is limited to one third of the veteran teacher.
Most state licensure boards throughout the country acknowledge that teachers need
continual training to remain effective in particular areas. In some cases, the licensure board
specifies what those areas are and how many hours of additional training is required for licensure
renewal. These areas change as the need for teacher professional development changes, as
determined by the licensure board. For example, in Minnesota, technology integration used to be
a designated required area for professional development to renew a teaching license. Recently,
technology integration was removed, and culturally responsive pedagogy was included in the
requirements (Minn. R. 87109.7200, 2018).
While the licensure board recognizes that the topical needs may change within the fiveyear renewal period, districts typically use the same evaluation tool for observations of a novice
and veteran teacher. While it is not common for teachers to be ranked based on evaluations, this
method places a novice teacher at a disadvantage for continual improvement. Teachers “crave
useful feedback and the challenge and counsel that would enable them to improve” (DarlingHammond, 2013, p. 6). Assuming novice teachers need more counsel and mentorship, it may be
helpful to evaluate teacher effectiveness differently for novice teachers, specifically, highlighting
areas where novice teachers typically struggle. Darling-Hammond (2013) suggested a continuum
of teacher performance assessment that aligns with three stages of a teacher’s maturation. Initial
licensing and evaluation would reflect the basic elements required to teach effectively.
Professional licensing and evaluation would be prior to tenure, but after induction, to include a
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systemic collection of evidence about practice and student learning. Finally, the third level,
advanced certification license and evaluation would include the tenure, deeper assessment,
potential National Board Certification or something of the likeness, and additional leadership.
The Network for Excellence in Teaching (NExT) consortium, a collaboration of fourteen
teacher preparation programs funded by the Bush Foundation, suggested that beginning teachers
have different needs when it comes to evaluation and feedback (NExT Work Group, 2018).
Aligning to the Interstate Teacher Assessment and Support Consortium (InTASC) Model Core
Teaching standards, NExT developed a tool for measuring novice teacher effectiveness based on
teacher quality and teaching impact. The tool has four domains: instructional practices, learning
environment, diverse learners, and professionalism (NExT Work Group, 2018).
Statement of the Problem
Teacher effectiveness is a highly debated topic related to the impact of teaching on
student learning based on value-added measures. Value-added measures as described by
Cochran-Smith (2018) are meant for TPP improvement, not assessing individual teacher
effectiveness. There are many other means to determine teacher effectiveness that do not lend
themselves to the influence of so many external variables. This quantitative study will evaluate
the predictive validity of the edTPA with student teachers, first-year teacher responses, and the
teachers’ supervisory responses on the Common Metric survey.
Conceptual Framework
At present, there is no true answer to what comprises an effective teacher. There has been
work around a variety of measured variables to try to capture the meaning of teacher
effectiveness such as student standardized tests, teacher candidate content knowledge exams,
performance assessments, and principal evaluations. In Minnesota, teacher candidates must
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complete traditional exams in pedagogy and content areas as well as the edTPA performance
assessment to become licensed, which assumes effectiveness. Once teachers are in the field,
public school districts have a process for evaluating teachers. Commonly, that process includes
teacher observations around effective teaching; often based on Charlotte Danielson’s (2013)
Framework for Teaching or Marzano’s (2007) Framework for Effective Instruction, in some
cases district supervisors have merged the two or do not use a studied framework but create their
own in-house, based on district values. In the following chapter, three specific teacher
effectiveness frameworks are analyzed to develop a conceptual framework in which this study
was conducted. The conceptual framework constructed the lens in which this study was framed,
specifically for novice teachers who have recently been licensed by the state.
Theoretical Framework
This study used the positivistic paradigm to better understand how to predict the
effectiveness of novice teachers. The methodology included the use of performance assessments
during student teaching and three perception surveys, conducted at the conclusion of student
teaching, year one of teaching, and the supervisor’s perception at the conclusion of teaching year
one. The researcher ran correlations to determine if there is predictive validity in the edTPA
performance assessment and if the CM surveys could be criterion-referenced.
Purpose of the Study
Teacher effectiveness is a topic that is important to more than the classroom teacher and
his or her principal. Politicians, teacher preparation programs, parents, tax-paying citizens, and
even students all want to be ensured that the teacher working with P – 12 students is an effective
teacher. There are numerous policies, licensure assessments, and classroom evaluation models
that attempt to ensure and determine that the teacher will be effective. While these policies,
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assessments, and evaluation models may be good, bad, or not related, they do not currently
provide a teacher with professional development guidance. Through exploration of the
quantitative data from the edTPA and the Common Metric surveys, the researcher sought to
determine whether a correlation existed between the assessment and the surveys.
Overall, this project is simply a starting place for a future of building a practice of
supplying new teachers with a professional development plan as they leave the university to
become professionals in their first classrooms. Ideally, teachers could share the professional
development plan with supervisors or utilize it themselves, privately. Ideas for inclusion are
edTPA scored areas for growth, course content they may not have fully mastered, and
professionalism topics that were not addressed within the teacher preparation program.
Within this project, the correlation between the edTPA scores and the Common Metrics
perception surveys were studied to determine if there can be a predictive explanation for areas of
growth and strength for teacher candidates. Ideally, the findings will add to the field of teacher
effectiveness in a way that offers alternative multiple measures of effectiveness as opposed to the
current value-added measurement discussion.
Research Question(s)
RQ: In what ways could the edTPA performance assessment of teacher candidates predict
teacher effectiveness within the first years of teaching?
a. To what extent can a teacher candidates’ edTPA performance assessment predict
the satisfaction in the perception, Common Metric Exit Survey completed during
student-teaching?
b. To what extent can a teacher candidate’s edTPA score on the individual tasks
predict the perception of the teacher at the end of the his or her first year of
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teaching as determined by correlations, if any, that exist between the edTPA
performance assessment completed during student-teaching and the CM
Transition to Teaching Survey?
c. To what extent can a teacher candidates’ edTPA score on the individual tasks
predict a supervisor's satisfaction at the end of teaching year one as determined by
correlations, if any, that exist between the edTPA performance assessment and the
Common Metrics Supervisor Survey?
Definition of variables. The following are the variables of study:
Variable A: Performance assessments:
Constitutive definition: “Portfolios that collect evidence of teachers’ actual instruction,
curriculum plans, and samples of student work and learning, along with teacher commentaries
explaining the basis for teachers’ decisions about what and how they taught, in light of
curriculum goals, student needs, and how they assessed learning and gave feedback to individual
students” (Darling-Hammond, 2013, p. 27).
Operational definition: Performance will be assessed through the three tasks administered on the
edTPA portfolio. Those three tasks are planning, instruction, and assessment. Each task has five
5 - point rubrics that can be cumulated to provide a task score (AACTE, 2019).
Variable B: Teacher Effectiveness:
constitutive definition: Teacher effectiveness “comprises both teaching quality and teaching
impact. Teaching quality is a measure of competence, good teaching practice, leadership, and
professional engagement” (NExT Work Group, 2018). While teaching impact is a measure of P 12 student outcomes that may include “measures of achievement and growth, engagement,
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attendance, behavior, citizenship, social and emotional learning, or longer-term outcomes”
(NExT Work Group, 2018).
operational definition: The CM perception surveys that student teachers, first-year teachers and
their supervisors complete will be utilized to determine Teacher Effectiveness. The surveys look
at four specific areas: Instructional Practice, Diverse learners, Learning environment, and
Professionalism (NExT Work Group, 2018).
Significance of the Study
Teacher effectiveness; what does it mean and who decides if a teacher is effective in his
or her first year of teaching? Often, effective teachers are defined in value-added measures. One
such way for educators and education advocates to reclaim teacher effectiveness accountability is
through a performance assessment and perception surveys of teachers and their supervisors. In
Minnesota, the edTPA is required for all initial licensure candidates, among other requirements.
Completers of TPPs also complete the NExT Common Metrics (CM) surveys. These perception
surveys are given towards the end of student teaching and then sent to teachers at the completion
of his or her first year of teaching as well as to his or her direct supervisor seeking information
regarding teacher effectiveness. In this study, conducted within a midsized, Midwestern
university’s teacher preparation program, the researcher identified ways the edTPA task scores
of teacher candidates may predict teacher effectiveness within their first years of teaching. This
study will impact the researcher’s knowledge about where to strengthen her secondary teacher
preparation work to better prepare students. Similarly, this study will impact the profession by
helping other TPPs find means to predict areas of strength and weakness for program
improvement.
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Research Ethics
Permission and IRB approval. In order to conduct this study, the researcher received
Minnesota State University - Moorhead’s Institutional Review Board (IRB) Exempt Approval on
July 10, 2019, to ensure the ethical conduct of research involving human subjects (Mills & Gay,
2019). Likewise, authorization to conduct this study was granted from the participating teacher
preparation institution where the research project took place (See Appendix A).
Informed consent. Protection of human subjects participating in research was assured.
Participants were aware that this study was conducted as part of the researcher’s Doctoral Degree
Program and that it will benefit her teaching practice as well as the teacher preparation program
in which participants graduated. Informed consent means that the participants have been fully
informed of the purpose and procedures of the study for which consent is sought and that parents
understand and agree, in writing, to their participation in the study (Rothstein & Johnson, 2014).
Confidentiality will be protected through the use of pseudonyms without the utilization of any
identifying information.
Limitations. The research study was limited to teacher candidates from one mid-size,
Midwestern, public, higher education teacher preparation program. Following the year after
completion of the teacher preparation program, the CM Transition-to-Teaching Survey is sent to
teachers electronically and voluntarily returned. Similarly, the CM Supervisor Survey is emailed
to the program completer’s supervisor and is voluntarily returned. Previous response rates for the
Transition-to-Teaching and Supervisor survey at the selected institution have been low.
Conclusions
Measuring teacher effectiveness has been an increasingly popular task based on
accountability movements (Cochran-Smith et al., 2018). This first chapter described the purpose

PREDICTING TEACHER EFFECTIVENESS

13

of the study and made a case for linking teacher effectiveness to a required performance
assessment (edTPA) based on CM perception surveys and feedback from first- and second-year
teachers. In Chapter two, a deeper analysis of teacher effectiveness and performance assessment
is presented to make a case for utilizing a performance assessment as a potential predictor of
teacher effectiveness.
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CHAPTER 2
LITERATURE REVIEW
Introduction
Teacher effectiveness and accountability of teacher performance has become a topic of
interest in politics over the last decade. With No Child Left Behind (NCLB; Bush, 2001) and
Race to the Top (RTTT; U.S. Department of Education, 2009) policies being implemented in
schools across the country, the policies have become household terms, especially in springtime
as P – 12 students complete standardized tests. While student standardized exam performance is
one way to determine if learning is happening in a classroom, it does not address all areas that
impact student learning. One multiple choice assessment, completed by students, simply cannot
determine how well a teacher is doing in bonding with the students, fostering a positive
classroom environment, asking critical thinking questions to deepen learning, and making
assessment decisions to differentiate for the students. There are several evaluative options for
measuring teacher effectiveness both for novice and established teachers such as classroom
observations, student surveys, and self-assessments.
In the following literature review, a review of teacher effectiveness and how different
stakeholders are recognizing and measuring effectiveness for teachers today will be discussed.
Then, a brief understanding of the current accountability movement is provided from both a P –
12 and teacher preparation program (TPP) viewpoint. From there how teacher effectiveness may
be measured will be discussed. Finally, a conceptual and theoretical framework are presented for
this study. Literature from within the last seven years was used, primarily to ensure the content
was up to date with current happenings in the field of education. Some select sources draw upon
long known theories and do fall outside the scope of seven years to present. Prominent scholars
in the field of educational research and in teaching were selected first for reading. Following was
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a review of the frameworks utilized to create this study’s instruments. The scope was then
broadened to other books and published articles as they fit the niche, using keywords such as
teacher effectiveness, teaching quality, teacher impact, performance assessment, and
accountability.
Teacher Effectiveness
“The most important factor in terms of student achievement is the teacher; there is a clear
relationship between students’ learning and the quality of their teachers” (Goodwin et al., 2014,
p. 284). While this bold statement is understood to be true by educators, it is something else to
describe teacher effectiveness and to answer the question: “What is a good teacher?” when
addressing non-educators. Darling-Hammond (2013) addressed teacher effectiveness as a twopronged approach in her book: teacher quality and teaching quality. Teacher quality looks to
dispositions, personality traits, and connecting with learners. Teaching quality then refers to
strong instruction and depth of content-knowledge. Neither teacher quality or teaching quality
will make an effective teacher, but “if teaching is to be effective, policies that construct the
learning environment and the teaching context must be addressed along with the qualities of
individual teachers” (Darling-Hammond, 2013, p. 14).
In Goodwin et al.’s (2014) research study, the researchers sought to explore
quantitatively what teacher educators needed to know about the theoretical knowledge of
pedagogy, what teaching skills must be possessed, and if the ability to conduct research was a
necessity. The findings included that there was a “need for teacher educators to reflect upon their
profession…and to learn more about negotiating among competing political demands” (p. 299).
While the research study did not directly list out the qualities of an effective teacher or teacher
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educator, it provided necessary insight into how politics are shaping the field of teacher
education.
While policy and accountability have driven educational change in the last few decades,
the pursuit today is to determine how to purposefully prepare effective teachers for their future
students and classrooms. The Council for the Accreditation of Educator Preparation (CAEP)
promulgated five standards to determine teacher preparation program quality and approval. The
standards are as follows: (a) Content and Pedagogical Knowledge, (b) Clinical Partnerships and
Practice, (c) Candidate Quality, Recruitment, and Selectivity, (d) Program Impact, and (e)
Provider Quality, Continuous Improvement Capacity (CAEP, 2019). Goe, Bell, and Little (2008)
clarified that the term teacher effectiveness truly has two meanings and needs to be clarified
further. Specifically, teacher effectiveness can be “limited to mean impact on student
achievement” or it can be a concept more broadly defined to encompass the “many facets that
contribute to a teacher’s success” (p.4).
While policy conversations drive the definition of the term teacher effectiveness to mean
“the ability to produce higher than expected gains in students’ standardized test scores” (Goe,
Bell, & Little, 2008, p. 5), it is important to note that there are many other influences besides a
teachers’ effectiveness on a student and his or her outcomes in any given year (DarlingHammond, 2013; Goe, Bell, & Little, 2008). The Network for Excellence in Teaching (NExT)
(2018) “is a consortium of teacher preparation programs at fourteen higher educational
institutions in Minnesota, North Dakota, and South Dakota” (p.2). The consortium was
developed to transform teacher preparation to build strong, talented teachers to serve all students
as shared in the introduction of the Preparing Effective Teachers book. The NExT consortium
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works with local P-12 communities in partnership to define and measure beginning teacher
teacher-effectiveness.
Accountability movement. Beginning in the 1990s, the primary debate in teacher
education focused on deregulation and professionalization of the field. However, in the mid2000s, there was a shift that brought focus to “policy rhetoric about teacher quality from
focusing on teachers’ qualifications and credentials to emphasizing effectiveness” (CochranSmith et al., 2018, p. 8). This shift brought further interest from politicians and the general public
to debate linkages from student test scores, teacher quality, and teacher education. Beginning
with the 2002 NCLB Act, the public began to notice school report cards based on the
standardized test scores. However, accountability was furthered by the 2009 regulations of
RTTT. These regulations placed more accountability on school districts and in turn, teacher
preparation programs via the Title II reporting regulations (Cochran-Smith et al., 2018).
Title II, enacted by the U.S. Department of Education (2011), required states to rate their
TPP based on the effectiveness of the graduates’ performance in their education related
employment (Cochran-Smith et al., 2018). While value-added measurements had been used for
scoring the effectiveness of teachers in regard to salary and tenure within the P–12 system, this
was the first time that teacher preparation institutions were being scrutinized based on the valueadded system (Darling-Hammond, 2013). For example, if a graduate taught a classroom of
seventh graders in mathematics, and the students did poorly on the seventh-grade standardized
state math assessment, regardless of the reason, the teacher (graduate) and the teacher’s
institution would receive a low rating. After too many low ratings, the teacher preparation
institution would be penalized by the state licensing agency or potentially need to shut down.
While this may seem logical from a very high level, non-educator perspective, how a student
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does on an exam is much more complex than one factor, the teacher’s teaching quality, and can
be impacted based on home life, classroom environment, if his or her basic needs are being met,
and more. (Darling-Hammond, 2013). One exam simply cannot predict or provide the only
feedback for a teacher or the preparation program from which he or she graduated. The
standardized assessments were originally designed to measure achievement of learning
outcomes.
The policy question driving today’s teacher preparation research and accountability
movement is broader than it has been in the past, emphasizing four areas while simultaneously
searching for a way to effectively prepare teachers. Cochran-Smith and Villegas (2015)
identified the four areas: alternative certification or pathways for teacher licensure, institutional
responses to new policies, assessment of teacher candidates and preparation programs, and
program evaluation of individual teacher preparation programs.
Teacher preparation programs. Teacher preparation has been a part of higher education
and was the founding program at many institutions within Minnesota, beginning as Normal
Schools. Between the early 1900s and the year 2000, teacher preparation primarily evolved
around three broad questions that Cochran-Smith and Villegas (2015) refer to in their journal
article as “the curriculum question, the effectiveness question, and the knowledge question” (p.
382). The major policy initiative until the 1950s was in developing a “unified approach to
teacher preparation” (p.382) that significantly emphasized curriculum at institution, program,
and state levels. Teacher effectiveness was an area of policy initiative from roughly 1960 to
1985. The primary focus in these three decades was to determine “What are the teaching
processes that lead consistently to desired teaching products, especially student achievement
defined as test scores?” (p. 383). As this mindset was rejected by the mid-1980s, Cochran-Smith
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and Villegas (2015) noted that the knowledge question became the forefront for accountability
and policy initiatives in education. For example, research questions such as “What should a
teacher know and be able to do? What is/should be the knowledge base of teacher education”
(Cochran-Smith & Villegas, 2014, p. 384) were studied and debated. The knowledge question
was not sought out to prescribe how teacher preparation should be run, but rather, to help “build
a common knowledge base that would professionalize teaching and teacher education” (p.384).
Historically, teacher preparation institutions help university level students understand the
field of education, complete coursework, and provide field experiences to be prepared to enter
the classroom upon graduation. There are Standards of Effective Practice (SEP) for pedagogy
and content standards that students must meet to be eligible to become a licensed educator
(Minn. R. 8710.200, 2016). Until recently, students needed to attend a four-year university and
complete the teacher preparation program successfully to become a licensed teacher in
Minnesota. As accountability measures have changed, that is no longer the case. Beginning in
2017, Minnesota established a four-tiered licensure system to allow alternative preparation
institutions to prepare educators. The first tier is a community expert type license that a school
district and teacher would apply for together, with this license, the teacher can work only a
maximum of three years before needing to move to a tier two or higher. The justification for this
tier is for teacher shortages in content areas that may not regularly have TPPs, such as
agriculture, automotive classes, etc.
In tier two, licensure works similar to tier one, where both the district and teacher must
jointly apply. The tier two licensure does require concurrent teacher preparation enrollment or a
master’s degree. This license is only valid for six years total. Tier three is for educators who plan
to teach and have completed a traditional or alternative program while completing other
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requirements such as the edTPA portfolio, student teaching, and passing content and pedagogy
assessment scores. A P–12 educator in Minnesota can reach tier four after successfully teaching
for three years in Minnesota and having completed all of the tier three requirements. Those
teachers in tier four are also eligible for a district’s probationary-tenure contract (Minn. R. 8705,
2017).
Evaluating Teacher Effectiveness
School districts across the country are continuously revamping and implementing teacher
evaluation systems to improve efforts to accurately measure effective and ineffective teachers
(Marzano, 2012). Multiple observations of classroom teaching are typical for an evaluation
method to determine if a teacher is meeting district needs. Often these observations are
conducted by a school administrator or in partnership with an instructional coach. In his
Education Leadership article, Marzano (2012) noted that “measuring and developing teachers
are different purposes with different implications” (p.15). This is important to consider,
especially as this study will look at novice teachers. A teacher evaluation system that is utilized
solely for evaluation may appear punitive. An evaluation system that includes development,
room for growth, and acknowledges progress would allow novice teachers to become stronger
throughout the academic year. In a secondary research study, Kearns, Kleinert, Thurlow, Gong,
and Quenemoen (2015) identified commonly used measures for evaluating teacher effectiveness
around the nation that include “classroom observations, principal evaluations, student work or
artifacts, portfolios, student/parent rating, teacher self-report, and value-added models” (p. 22).
Most commonly, principal or instructional coaches will do in-person, classroom
observations of the teacher. Utilizing a framework, such as Danielson’s (2013) Framework for
Teaching or The Marzano Teacher Evaluation Model (2013), allows the observer to watch for
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specific areas of teacher effectiveness. Danielson’s (2013) Framework for Teaching focuses on
four domains in the areas of planning and preparation, classroom environment, instruction, and
professional responsibilities. Each domain has five to six areas for evaluation on a four-point
rubric scale (Danielson Group, 2019). Similar to Danielson’s framework, The Marzano Teacher
Evaluation Model (2013) has four domains. In this framework, most of the evaluative elements
come from domain one, Classroom Strategies and Behaviors, with forty-one items. In total, there
are sixty elements within this framework, the remaining elements address planning and
preparing, reflection, and collegiality and professionalism.
While teachers are observed throughout the academic year on a routine basis, it is a
newer phenomenon to be asked to share that data in a future interview. However, in a mixedmethods study conducted by Cannata et al. (2017), principals were surveyed and interviewed in
regard to their data practices during the hiring process. Findings from Cannata et al. showed that
principals reviewed the following three data points when available: “observation scores,
measures of student achievement growth, and overall evaluation scores” (p. 192). Aside from
showing the data, the study revealed that principals were evaluating the demonstration lesson
during the interview identically to how classroom observation evaluations in the school would be
done, including the pre- and post-observation meetings. This allows the hiring committee and/or
principal to see if the candidate has “the ability to be a reflective practitioner, and to be coached
and grow within the structure and culture of the school” (p. 197). While this is a utilized
technique, it can be limiting when it comes to hiring since “using effectiveness data … is
challenging as candidates may be new college graduates, experienced teachers from another
school in the system, or experienced teachers from another system or even state” (p. 214).
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Besides classroom observations, there is another way to determine teaching effectiveness
through student surveys with the teacher’s class. The Tripod Survey is a common tool for this
type of measurement. That survey was developed in 2001 by Dr. Ronald Ferguson to measure
effective teaching around seven specific themes: care, confer, captivate, clarify, consolidate,
challenge, and classroom management (Tripod Education Partners, 2019). In a quantitative study
by Wallace, Kelcey, and Ruzek (2016), they investigated the predictive validity of the Tripod
Survey and value-added measurements in math. The authors found that “student perceptions of
teacher behavior and the learning environment measured in the Tripod track classroom features
that relate to teachers’ value-added scores” (p. 1859).
Similar to the Tripod Survey, where perceptions are reported, are the Common Metrics
(CM) surveys. These surveys are completed by the teacher across time, during student teaching
and at the conclusion of the first year of teaching. At the end of the first year of teaching, the
supervisor is also asked to complete a perception survey on the new teacher’s effectiveness. The
domain areas on these surveys include instructional practice, diverse learners, learning
environment, and professionalism (NExT Working Group, 2018). Through the use of these
surveys, the NExT Working Group recommends in chapter three of their book the use of “a
summary report of aligned items on the Exit Survey, Transition to Teaching Survey, and
Supervisor Survey [to] show a more nuanced and multi-dimensional profile of teaching quality”
(p. 2). This report can also provide insight into program improvement areas for a TPP.
Two additional areas for evaluating teacher effectiveness that are used within the United
States are assessments: student and teacher. First, the use of K-12 student scores on standardized
assessments has been utilized to measure teacher effectiveness. While the intent of these
assessments was, and is, to measure if content-based learning outcomes were met, through Title
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II those scores are used to measure individual teacher impact as well as the teacher’s former
preparation program (Cochran-Smith et al., 2018). In aggregate form, the standardized
assessments can provide useful information about learning outcomes and state performance.
However, when disaggregating the information to the specific individual or small group of
students, for a classroom teacher, the strategy of value-added “has been found to be far less
reliable and accurate than many researchers had hoped and most policymakers have assumed”
(Darling-Hammond, 2013). Similarly, measuring one class against the following year’s class in
regard to teacher effectiveness is nearly impossible with the acknowledgment that there is
student learning impact beyond the individual teacher, such as “student health, parent support,
class sizes, attendance, curriculum materials” (Darling-Hammond, 2013, p. 72). No class is the
same from one year to the next; the only constant variable is the content standards. Lastly, a
performance assessment completed by the teacher has been utilized as a way to measure teacher
effectiveness. Approximately forty-four states have begun using the performance assessment,
edTPA, as a way to assess effectiveness prior to granting a teaching license in the United States
(Pearson Group, 2020). This performance assessment has three domains of planning, instruction,
and assessment with five specific rubric areas per domain. Interwoven in those domains are
evaluative rubrics in areas such as learning environment, differentiation, and feedback to
students.
The NExT consortium, along with CAEP, argue that multiple measures should be utilized
to determine teacher effectiveness. These multiple measures include several data sources, as
noted in chapter two, “such as surveys from teachers as well as observations of teachers. It can
also mean multiple perspectives, such as input from school administrators, teacher educators, and
test results from external sources” (NExT Working Group, 2018, p.2).
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Similarly, the NExT consortium believes longitudinal data while a teacher evolves his or
her skillset is important. Their argument, in chapter two, is that “an effective first year teacher
will and should look different from an effective veteran teacher” (NExT Working Group, 2018,
p. 2). Because of this stance, the NExT consortium developed the CM perception surveys to
better measure teaching quality and teacher impact.
Perception Surveys.
The CM surveys were designed to align with the Interstate Teaching Assessment and
Support Consortium (InTASC) Model Core Teaching Standards (Council of Chief State School
Offices, 2013) as well as the InTASC Model Core Learning Progressions for Teachers (NExT
Working Group, 2018). There are four surveys that are distributed longitudinally to collect data
points for multiple measures regarding teacher effectiveness. The first survey is distributed upon
entering the first education course within the teacher preparation program. Second, the Exit
Survey is distributed upon completion of the teacher preparation program. Finally, upon
finishing the first year of work in the field of education, the teacher and the teacher’s supervisor
are sent surveys. The teacher survey, known as the Transition to Teaching Survey (TTS), as
described in chapter three informs “beginning teachers how well their teacher preparation
programs prepared them for their first year of teaching” (NExT Working Group, 2018, p. 4). The
Supervisor Survey and TTS address common questions within the four domains (instructional
practice, diverse learners, learning environment, and professionalism) as they align to the
InTASC standards.
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Table 1
Characteristics of the Common Metrics Survey Instruments

Survey
Entry

Exit

Stage

Purpose

During the first education

Asks potential candidates about their own

course of the Teacher

educational backgrounds and what led

Preparation Program

them to pursue a teaching license.

Conclusion of Teacher

Gathers the candidates’ own perspectives

Preparation Program

on their teacher preparation programs as
they leave their programs and prepare to
enter the teaching profession

Transition to

Conclusion of first year of

Teaching (TTS) teaching

Asks beginning teachers how well their
teacher preparation programs prepared
them for their first year of teaching.

Supervisor

Completed by the supervisor

The TTS and the Supervisor Surveys both

of the teacher; concurrent to

address common questions within four

TTS survey.

domains: Instructional practices; Diverse
learners; Learning environment; and
Professionalism.

Note: This table provides detailed information about the purpose and timing of the CM survey
distribution.
Performance assessments. Several performance assessments have been utilized in
teacher preparation. In terms of defining performance-based assessment, Darling-Hammond’s
(2015) book provided excellent verbiage: “Well-designed performance assessments capture
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teaching in action, observe and assess aspects of teaching related to teacher effectiveness,
examine teachers’ intentions and strategies, look at teaching in relation to student learning, and
use rubrics that vividly describe performance standards” (p. 26). Most widely known in the field
of education is currently, the Educative Teacher Performance Assessment (edTPA). This is a
performance based, student-teaching assessment that was developed by the Stanford Center for
Assessment, Learning, and Equity (SCALE). The edTPA assessment is based on the previous
Performance Assessment for California Teachers (PACT) but includes modifications (CochranSmith et al., 2018). These assessments were created based on the teacher effectiveness
accountability movement over the last twenty years where educators and education researchers
were looking for ways to assess teacher candidates’ in-the-classroom performance prior to
graduation. Parkes and Powell (2015) provided an analysis of the edTPA and wrote, “In 2013,
over 25 states implemented or were in the process of drafting new policy that required a
standardized performance test such as the edTPA for teacher certification” (p. 103).
The assessment itself is sectioned into three tasks: planning, instruction, and assessing.
Teacher candidates are asked to create lessons, teach, assess with feedback, and primarily to
reflect on their decisions made in their classroom practice (Cochran-Smith, 2018). With many
proponents showing standardized exams provided inequity, the performance assessment may
provide a more authentic and representative outcome. Zhou (2018) noted the edTPA “requires
preservice teachers to go beyond simple mimic of teaching practice to think deeper and
contextually on those practices” (p. 52). Within each task, there are five, 5-point rubrics. “Each
rubric consists of five levels ranging from a low score of 1 (‘novice not ready to teach’) to a high
score of 5 (‘highly accomplished beginner’)” (Parkes & Powell, 2015, p. 104). The cumulative
score for each task would be 25, for a total edTPA score of 75 possible. The first task, planning,
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asks teacher candidates to submit lesson plans for a learning segment (three to five lessons), a
learning context to describe learners, curriculum requirements of the school and any other
extenuating circumstances, instructional materials, and any assessments that may be given to
students. Task two has teacher candidates submitting two video clips of their instruction,
specifically focusing on student-centric activities and deepening student learning through
questioning and academic language use. Alongside the video clips, teacher candidates write a
commentary reflecting on their instruction. The third and final task looks at the teacher
candidate’s ability to assess students and make instructional decisions based on the data.
Assessments, evaluation, feedback, and student work samples are all submitted.
A single, trained evaluator uses all of the submitted documentation as evidence for scores
on the task rubrics. “Scorers are instructed to begin evaluation by examining the evidence against
the benchmark for a 3 (‘competent, ready to teach’) and moving up or down from there” (Parkes
& Powell, 2015, p. 104). Since scoring of each task is done separately and linearly by the
evaluator, “the scoring procedure reflects candidate performance on atomistic objectives and
ignores the interaction among these elements” (Parkes & Powell, p. 104). The edTPA Annual
Administrative Report (2018), shares that there was strong inter-rater agreement across all 15
rubrics with of scores that were the same or within one point apart for 95.7% of all cases tested.
This agreement is in alignment with previous years and with other performance assessments such
as PACT and National Board for Professional Teaching Standards. Crohnbach’s alpha is also
reviewed annually, for the 15-rubric handbooks, and ranged from a 0.821 to a 0.927, which
indicates a high level of consistency across the rubrics. In Zhou’s (2018) small case study, four
first-year teachers were interviewed regarding their experiences, perceptions, and performance
on the edTPA. Most notably, Zhou stated, “A high edTPA score does not always translate into a
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high level of teacher readiness” (p. 60). This finding helps build the case for multiple measure
for determining teacher effectiveness and readiness.
Conceptual Framework
This study looked to draw more information from how teacher effectiveness is perceived
and ultimately measured based on the teacher quality and teaching impact. In chapter one, these
terms were utilized to describe “a measure of competence, good teaching practice, leadership,
and professional engagement” (NeXT Work Group, 2018, p. 1) as well as be a measure of P–12
student outcomes that include “achievement and growth, engagement, attendance, behavior,
citizenship, social and emotional learning, or longer‐term outcomes such as college matriculation
or employment” (NeXT Work Group, 2018, p.1). In this framework, the researcher intended to
determine through perception surveys and performance assessments if teacher quality and
teaching impact can be predictive. An educational, cognitivist lens is applied to this study.
Byerly, O’Sullivan, and O’Brien (2017) described cognitivism in their analysis of learning
frames as a way that learners “integrate cognitive and psychomotor skills to support knowledge
transfer to real situations” (p. 655). This is very similar to how teacher candidates show their
proficiency on the Minnesota Standards of Effective Practice (SEP) by successfully completing
the edTPA assessment. Current research continues to look for ways to measure teacher
effectiveness. Common methods include value-added studies where student standardized test
scores impact the teacher effectiveness rating for teachers and their former teacher preparation
program (Cannata et al., 2017; Cochran-Smith et al., 2018). Other studies utilized case studies
and interviews to determine edTPA and teacher effectiveness perceptions (Goldhaber et al.,
2017; Goodwin et al., 2014, Henry et al., 2013, Masengale et al., 2014; Zhou, 2018). In
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Minnesota, the state licensing board utilizes three measures as described in the following
paragraphs.
Minnesota legislature has created SEPs which outline pedagogical standards that teacher
candidates must meet prior to becoming licensed teachers (Minn. R. 8710.200, 2016). In
addition, the state legislature requires teacher candidates to successfully complete the edTPA and
CM surveys (Minn. R. 8705, 2017). There are also content specific requirements, however, this
study focused solely on the pedagogical components of teacher effectiveness. Each of the three
assessment tools addressed above were created based on theory, research, and trends within the
field of teacher effectiveness. The conceptual framework for this study was built upon the
Minnesota SEPs, the CM survey domains, and the edTPA.
Minnesota's SEPs are intended to be a specified group of professional dispositions and
effective pedagogical requirements for teachers to practice. The SEPs are comprised of ten
standards that focus on a range of pedagogical areas such as Learning Environment,
Communication, Assessment, Relationships, etc. Each of the ten standards has multiple substandards that explain and differentiate specific components of what a teacher should be able to
do to be considered an effective teacher (Minn. R. 8710.200, 2016).
The national performance assessment, edTPA, was first developed by the National Board
for Professional Teaching Standards to create a national standard for new teachers. This was
never implemented nationally for a variety of reasons but was re-tooled as a required
performance assessment in the state of California for licensed teachers, known as PACT
(Darling-Hammond, 2013). It was studied and adapted to meet the needs of the nation. On the
current version of the edTPA, there are fifteen assessed areas that are broken into three tasks
titled: Planning, Instruction, and Assessment. The edTPA includes rubric areas such as Planning
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for Students’ Varied Needs, Engaging and Deepening Student Learning, and Using Knowledge
of Students to Inform Planning (AACTE, 2019).
The third assessment, a perception survey, does not show directly that an individual
teacher is ready to teach, but provides data to the TPP institutions in aggregate form to make
program improvements. The CM surveys were developed by NExT in 2011 and have been
utilized since at fourteen TPPs. Yearly, statistical information is shared with the programs
invested in the survey. In the 2019 Report of the program completers for 2017 - 2018, all items
in the CM Supervisor factor analysis had a correlational coefficient of 0.332 to 0.865, which
indicated that items were moderately or strongly correlated (NExT Supervisor, 2019). Also
reported was Cronbach’s alpha for 2016 and 2017 where alpha ranged between 0.91-0.96 for the
scales on the Supervisor Survey. Identical to the Supervisor Survey, the TTS Survey for the
2017-2018 academic year showed moderate to strong bivariate correlations and Cronbach’s
alpha ranged from 0.89 - 0.96 for the same scales (NExT TTS, 2019). Finally, the Exit Survey
reported similar Cronbach’s alpha (0.91 - 0.96) and moderate bivariate correlations ranging from
0.191 to 0.763 (NExT Exit, 2019). The CM perception survey items are aligned with the
InTASC standards around teacher effectiveness. Some of the standards from InTASC include:
Learner Development, Planning and Assessment, Learning Differences, and Ethical Practice
(InTASC, 2016).
When reviewing these three state licensure requirements, there was overlap in specific
categories. The InTASC standards were compared and cross walked to the edTPA requirements
by SCALE in 2014. The crosswalk comparison, found in Appendix B, shows that the InTASC
standards, with the exception of standard ten, are repeatedly found in the various edTPA rubrics.
For example, InTASC Standard 2 Learning Differences is assessed in edTPA rubrics 1 - 4, 6, 7,
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and 14. Unlike SCALE, the state of Minnesota and the licensing board, PELSB, have not cross
walked their standards with the edTPA rubrics of the assessment they require. The researcher
conducted a comparison of the edTPA assessment rubrics and Minnesota SEPs, found in
Appendix C; it was useful to see how the two compared since the edTPA is required for all
teachers to be licensed in the state and the SEPs need to be addressed in the coursework
throughout a student's time in a TPP. The comparison showed a large distribution of SEP
standards throughout the edTPA assessment. Most of the edTPA rubrics covered at least one, if
not more, of the MN SEP sub-standards.
Through the use of the above stated three standards and instruments, correlation tests will
be conducted through a positivistic paradigm. Assumptions made for this study include that the
teacher candidates have a solid understanding of their content areas and that there are no
deficiencies in knowledge and skill set in regard to subject matter.
Theoretical Framework
This study followed a positivist paradigm to collect facts about the world of teacher
effectiveness and possibly develop correct methods for understanding educational processes and
relations (Briggs, Coleman, & Morrison, 2012, p. 16.) Patel (2015) explained a positivistic
paradigm as “a single reality that can be measured” (para. 5). The ontological reality is that
everyone, including policy makers, school administrators, TPPs, and students’ parents are
interested in measuring the effectiveness of teachers. However, the knowledge gap that currently
exists is that stakeholders have not found an agreeable way to collect that data. Teacher
effectiveness has been studied for years, as outlined in this chapter, with many variations of
evaluation taking place in the classroom. Epistemologically speaking, the performance
assessment, edTPA is a reliable and valid tool which may provide an answer as to how teacher
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effectiveness may be measured. Cochran-Smith et al. (2018) wrote that there is “substantial
evidence of edTPA’s internal consistency and ability to predict teacher performance” (p. 124).
Additionally, Cochran-Smith et al. stated that “users’ perceptions about the capacity of edTPA to
authentically measure performance vary based on how, where, and with whom edTPA is used”
(p. 125). With those caveats in mind, the methodology “provides a rationale for the ways in
which researchers conduct research activities” (Briggs, Coleman, & Morrison, 2012, p. 15).
Since the edTPA is becoming a widely used performance assessment across the United States as
a requirement for applying for initial teaching licenses (AACTE, 2019), it makes sense to utilize
this existing data to conduct exploratory research on teacher effectiveness. Teacher candidates
typically complete this assessment during their student teaching semester. In addition, the CM
perception surveys are a requirement of TPP in the state of Minnesota; data collected must be
shared back with the professional licensing board for continued state accreditation (Minn. R.
8705, 2017). These surveys are conducted longitudinally; while these are required as well,
existing data was utilized.
Through analysis, the statistical relationship between edTPA performance assessment and
the CM perception surveys attempted to fill the knowledge gap of measuring teacher
effectiveness for novice teachers. The edTPA was a predictive variable that has been criterionreferenced in previous studies. The CM perception surveys were explored as criterion variables
in this exploratory, correlational study. Additionally, analysis took place for criterion-referenced
items on the CM perception surveys since they have not been criterion-referenced previously.
Research Question(s)
In keeping with the research questions described in chapters one and three, the study
quantitatively analyzed if the edTPA performance assessment could be a predictor of teacher
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effectiveness for novice teachers. To further that analysis, comparison of edTPA task scores and
three CM perception surveys was completed. The CM perception survey were completed
towards the end of student teaching, again in late spring of the first year of teaching, and by the
supervisor of the first-year teacher.
Conclusion
This chapter addressed the definition of teacher effectiveness, accountability initiatives in
education in regard to teacher preparation programs producing effective teachers, and evaluation
methods for measuring teacher effectiveness. As Moore and Berry (2010) remind those in
education, “the ultimate goal is to develop a profession that talented people can enter, advance
in, and exit via multiple paths” (p. 38). In the following chapter, the study to understand how
performance assessments might predict teacher effectiveness and guide novice teachers to a
personalized professional development plan is explained.
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CHAPTER 3
METHOD
With increased scrutiny in the accountability of teachers and teacher preparation
programs from policy makers, it is in the best interest of teachers and future teachers to
participate in the accountability movement to help influence policy makers. This quantitative
study will provide an analysis of already existing quantitative assessment and perception survey
data to understand whether or not, or to what degree, a better way may exist to better measure
teacher effectiveness than value-added measures from standardized norm-referenced
assessments.
Research Question(s)
RQ: In what ways does edTPA performance assessment of teacher candidates predict
teacher effectiveness within the first years of teaching?
a. To what extent can a teacher candidates’ Common Metric Exit survey scores
predict edTPA performance assessment completed during student-teaching?
b. To what extent can a teacher candidate’s edTPA score on the individual tasks
predict the perception of the teacher at the end of the his or her first year of
teaching as determined by correlations, if any, that exist between the edTPA
performance assessment completed during student-teaching and the CM
Transition to Teaching Survey?
c. To what extent can a teacher candidates’ edTPA score on the individual tasks
predict a supervisor's satisfaction at the end of teaching year one as determined by
correlations, if any, that exist between the edTPA performance assessment and the
Common Metrics Supervisor Survey?
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Research Design
This quantitative, exploratory study began with examination of extant factor-analyses of
each data set to determine variables that could be combined into scales. In addition, the internal
consistency data from the university’s data sets over the past four years to support the reliability
of scales (CM surveys) and rubrics (edTPA tasks).
First, 15 extant edTPA rubric scores were combined in three groups of five to produce
three task scores as factors: Planning, Instruction, and Assessing. These tasks were identified
within the edTPA assessment itself, making this an ideal way to factor the rubrics and maintain
the integrity of the performance assessment. The three task scores of the edTPA will act as
dependent variables—as predicted scores, with the surveys serving as predictor variables.
As identified by the NExT Working Group (2018), the three Common Metrics (CM)
surveys have a variety of items that factor into four thematic areas of Instructional practice,
diverse learners, learning environment, and professionalism. Within each survey, the NExT
Work Group provided four themes which will each serve as independent, predictor variables as
shown in Table 2. Following the factor analysis, the database was created to analyze the data in
alignment with the research question.
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Table 2
Independent vs. Dependent Variables
Independent variables
edTPA Planning task score
edTPA Instruction task score
edTPA Assessing task score

Dependent variables
CM Exit – Planning
CM Exit – Technology and Curriculum Development
CM Exit – Assessment
CM Exit – Instructional Practice
CM Exit – Diverse Learners
CM Exit – Learning Environment
CM Exit – Professionalism
CM TTS – Planning
CM TTS – Technology and Curriculum Development
CM TTS – Assessment
CM TTS – Instructional Practice
CM TTS – Diverse Learners
CM TTS – Learning Environment
CM TTS – Professionalism
CM Supervisor – Planning
CM Supervisor – Technology and Curriculum
Development
CM Supervisor – Assessment
CM Supervisor – Instructional Practice
CM Supervisor – Diverse Learners
CM Supervisor – Learning Environment
CM Supervisor – Professionalism

Note: A description of the different variables utilized throughout this study.
Setting
The quantitative study took place utilizing existing performance assessment data, edTPA
task scores, from teacher preparation completers, between Fall 2015 – Spring 2018, who also
completed the CM Exit Survey during student teaching and the CM Transition-to-Teaching
Survey responses at the completion of year one of employment. Likewise, data from teacher
preparation completers whose employers returned the CM Supervisor Survey were utilized to
predict the three edTPA task values. The teacher preparation completers are all from a mid-size,
Midwestern, public higher education institution. The teacher preparation unit contains 44
programs with an average of 235 students completing teacher preparation programs each
academic year (over the course of the study). In preliminary analyses, very few significant
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differences were observed between years—thus, in all cases, years were combined for the
analyses described here.
Participants
The institution offers 44 programs, primary enrollment is in the following programs:
Special Education (K– 12 licensure), 19 Secondary (grade 5– 12 or grade 9– 12 licensure)
programs, Elementary (kindergarten to grade 6 licensure), and Early Childhood (birth to grade 3
licensure). Of those 235 students, the ethnicity can be described as primarily Caucasian.
Sampling. Participants for the study were selected based on a nonrandom, convenience
sampling. Program officials require all teacher preparation candidates to complete the edTPA
performance assessment during their student teaching semester which makes all students eligible
for inclusion, yet the completion rate is around 88 percent. During student teaching, teacher
candidates are provided time to complete the CM Exit Survey during their professional
development conference held on campus, so completion rates are typically high as well.
However, after the first year of teaching concludes these candidates are asked to respond to the
CM Transition to Teaching Survey. Because one year has passed since being enrolled in
university, not all students, now alumni, choose to participate. All students who graduated
between 2015– 2018 who have the four variables: a completed edTPA; CM Exit Survey; CM
Transition to Teaching survey; and CM Supervisor Survey on file with the institution, were
utilized for the quantitative portion of this study. The response rate of the surveys is indicated in
Table 3.
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Table 3
Completion and Response Rates for the Instruments
Program
year

edTPA

CM Survey Response Rates
Exit Survey

Transition to Teaching

Supervisor Survey

N

RR (%)

N

RR (%)

N

RR (%)

N

RR(%)

2015–2016

191

88.4

140

59.6

27

15.98

20

51.28

2016–2017

210

89.7

126

61.2

28

15.30

38

76.00

2017–2018

201

85.5

96

56.0

46

26.44

64

53.78

Note: The number of completed edTPA and CM survey responses based on academic year. RR =
Response Rate.
Instrumentation
Subject instruments utilized for this exploratory study included a performance assessment
(edTPA) and a perception questionnaire (CM surveys). The edTPA is a valid, continuous
quantitative instrument (AACTE, 2019). The three edTPA tasks were treated as continuous, not
bivariate (pass-fail) variables. This portfolio assessment is scored by external evaluators on three
tasks with five 5– point rubrics. Each of the three tasks is worth a total of 25 points. The edTPA
instrument is used as a licensure requirement in 22 states, as of Fall 2018 (Pearson Education,
2019). The assessment is tested yearly for validity and reliability by Pearson and shared annually
in the administrative report (see for example, SCALE, 2019). A random sampling of assessments
are analyzed for inter-rater agreement throughout the academic year; In 2018, 3,470 assessments
were sampled to find that scorers “assigned scores that were the same or +/- 1 point apart in
approximately 95.7% of all cases” (Pearson Education, 2019, p.12). In regard to internal
consistency, the Cronbach alpha mean for 45,361 complete submissions was 0.886, showing a
high internal consistency across the fifteen rubrics (Pearson Education, 2019). In Chapter 4, the
Cronbach’s alpha version of edTPA internal consistency reliabilities, for the data set sampled for
this investigation are provided.
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The CM perception survey instrument includes a mixture of nominal categorical, ordinal
categorical, and ratio continuous quantitative information. The TTS Survey’s (2018 )findings
indicate a Cronbach alpha of 0.82 – 0.98 to show reliability or internal consistency. These
findings were based on ,2396 completers. The survey instrument was distributed in four states at
14 teacher preparation programs at varying colleges and universities (NExT Working Group,
2018).
Data collection. The edTPA performance data were collected during the student teaching
semester. Program officials require submission of these data as a requirement for initial
licensure. This ensures a high response rate whereas the CM surveys are not a graduation
requirement, and in the case of the TTS and Supervisor surveys, sent one year after completion
of the TPP. The database of quantitative information is updated yearly to include the previous
academic years’ information from both the edTPA and the CM surveys. These data were
combined into three data sets to preserve N for the investigation. Data set 1 included all edTPAs
with matching Exit Surveys. The researcher created a second data set by combining (over four
years) all cases wherein edTPA and TTS responses could be combined by subject. Likewise, a
third data set with all matching edTPA and Supervisor Surveys was created.
Data analyses. The quantitative data were analyzed through a recursive system. First,
Pearson correlations were calculated and reported for survey scales and edTPA tasks. Pearson
correlations allow for a measurement of the strength of a linear association between two
variables. Second, in all instances where correlations appeared in the correct direction (e.g.,
proved positive) and/or where probabilities approached significance ( = .2 or greater), multiple
regression analyses were calculated and reported in Chapter Four. While “a single variable
predicts about 10-20 percent of the variance in another variable” (Ghiselli, Cambell, & Zedeck,
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1981, p. 330) multiple regression will allow for correlation to multiple dependent variables.
Within this study, there were several variables being analyzed, so to best predict criterion
multiple regression must be utilized. Multiple regression allows the model to show overall fit and
relative contribution of the predictors. Further, by reporting Cronbach’s alpha, the results in
Chapter 4 will show all possibilities of split halves based on the individual tasks within the
edTPA as opposed to a composite edTPA score. Cronbach’s alpha (1951) “utilizes the
continuous part scores and any desired division of the total score” (Ghiselli, Campbell, &
Zedeck, 1981, p. 257) to report the covariances. Within Chapter 4, this will be reviewed by the
edTPA tasks: planning, instruction, and assessment.
Using this approach created a four-factor analysis to determine the correlation between
the edTPA task scores and the survey responses. Initially, exploratory factor analysis of the
edTPA task scores, Exit survey, TTS survey, and Supervisor survey, occurred, treating all
available scales instead of individual items. This allowed exploration between the four
instruments to determine, if any, a structure that may exist at the item level. Exploratory factor
analysis is useful when multiple scales have high correlations within a study to “model the
interrelationships between items with fewer variables” (UCLA Institute for Digital Research and
Education, 2020, para. 3). Using this knowledge, models for the strongest correlated scale are
created for the remaining tests of the data. For example, research question (a )factored edTPA
Task 1 to most strongly correlate with CM Exit Survey theme Planning.
Second, correlations between the scales across instruments were analyzed to review for
multicollinearity. This can occur when there are too many variables from the same survey tool
that are highly correlated with one another. Multicollinearity is “detected through the inspection
of correlation coefficients and Tolerance values” (Laerd Statistics, 2020, para 12).
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Third, inferences about regression based on criterion-referenced, predictive validity were
made while considering Bonferroni’s adjustment. This adjustment is considered when
statistically significant findings are presented in this study prior to declaring a result significant.
Bonferroni’s adjustment is utilized in this study because there are multiple comparisons of
singular variables. For example, edTPA Task 1 is compared to the CM Exit Survey’s several
scales.
Research question(s) and system alignment. The table found in Appendix D provides a
description of the alignment between the study Research Question(s) and the methods used in
this study to ensure that all variables of study have been accounted for adequately.
Procedures
o July 2019 IRB submission
o July 2019 IRB approval
o April 2020 Data analysis
o May 2020 Proposal defense
o July 2020 Final Defense
Ethical Considerations
Datasets are maintained by the university as assessment information is required for
graduation. However, upon creating the database, the names of the program completers are
removed once all four data sets are aligned to the teacher candidate. Random identifications
numbers are then entered in the name column. A key that aligns the identification number to the
teacher’s name is kept in paper form, locked in a filing cabinet, within the dean’s office.
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Conclusions
As noted within this chapter, the study was exploratory where quantitative results from
each perception survey factors were analyzed in alignment with the performance assessment task
scores. This was repeated three times for each of the CM surveys to determine if there is a
relationship between the two instruments, the measurement of relationship, and the likelihood of
significance. In the following chapter, the results of the study will be reported and analyzed.
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Chapter Four
Results
Performance assessments and perceptions surveys are one of many ways to evaluate
teacher effectiveness. In this study, for reasons developed in Chapter 2, it was assumed that the
Educative Teacher Performance Assessment (edTPA) was a reliable and valid instrument for
measuring teacher effectiveness. The question addressed was whether or not, or to what degree,
the three Common Metrics (CM) surveys predicted the edTPA indices. Throughout this chapter,
the results of the study are presented and interpreted.
Research Question(s)
RQ: In what ways does edTPA performance assessment of teacher candidates predict
teacher effectiveness within the first years of teaching?
a. To what extent can a teacher candidates’ CM Exit survey scores predict edTPA
performance assessment completed during student-teaching?
b. To what extent can a teacher candidate’s edTPA score on the individual tasks
predict the perception of the teacher at the end of the his or her first year of
teaching as determined by correlations, if any, that exist between the edTPA
performance assessment completed during student-teaching and the CM
Transition to Teaching Survey?
c. To what extent can a teacher candidates’ edTPA score on the individual tasks
predict a supervisor's satisfaction at the end of teaching year one as determined by
correlations, if any, that exist between the edTPA performance assessment and the
CM Supervisor Survey?
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The research sub-question results will be reported out separately since each of the sub-questions
has three components as it aligns to the three edTPA tasks: planning, instruction, and assessment.
For example, results for RQa will show how the CM Exit Survey correlated with three edTPA
tasks: 1) planning; 2) instruction; and 3) assessment to produce three models A1, A2, and A3.
This same format is followed for RQb with the CM Transition to Teaching and RQc with the
CM Supervisor surveys.
Data Collection
The edTPA assessment is completed by teachers during their student teaching semester at
the institution. Submission typically occurs during week twelve of the semester. Scores on each
of the rubrics and cumulative task scores are provided to the student and institution by Pearson
after approximately three weeks. Completion of this data set is required to obtain a teaching
license in Minnesota; thus, students are motivated to accomplish the assessment. The edTPA
assessment reports data on all fifteen rubrics, each on a five-point scale (AACTE, 2019). Two
exceptions exist for this generalization: (a) The World Languages edTPA only reports 13 rubrics,
(b) an edTPA can be considered complete if at least 4 of the 5 rubrics per task are scorable.
During the same student teaching semester, teachers are asked to complete the CM Exit
Survey during their on-campus, professional development day. Since teacher candidates are in
person and on the university’s campus, a large number of the surveys are completed and
returned. One year later, towards the end of the teacher’s first year of teaching, the CM
Transition to Teaching Survey is sent to those same teachers who had completed the Exit Survey.
Another survey, the CM Supervisor Survey is simultaneously sent to the teachers’ supervisors.
Friendly completion reminder emails are sent to the novice teacher and supervisor if they have
not completed the survey within the first week. As mentioned in Chapters 2 and 3, the CM
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surveys are aligned with the Model Core Teaching Standards from the Interstate New Teacher
Assessment and Support Consortium (InTASC). These surveys are comprised of seven themes
with a variety of items in each theme. A breakdown of the themes and items within the themes is
found in Appendix E.
Data Analyses
For this investigation, two sets of reliability figures are provided for each sub-part of the
research question. First, internal consistency reliabilities (Cronbach, 1951) are provided for the
starting data set from the mid-sized, Midwestern higher education institution, from which the
CM surveys and edTPAs were sampled (labeled, “Cronbach’s  A”). Second, it should be
recalled from Chapter 3 that the survey and edTPA data were concatenated; The size of the data
set decreased systematically due to missing survey data because survey completion was not
required.
Following the reliability data, bivariate Pearson-Product Moment Correlations are
reported for each of the CM surveys to show if there is a relationship with the edTPA tasks.
Then, multiple regression models are reported to determine the size of the relationship between
CM survey scales and edTPA tasks as it aligns with the research sub-questions. However,
because multicollinearity is reported within the correlations, as described in Chapter 3, the
regression model is reduced to a theoretical, linear ANOVA model. Finally, in the case that a
result is found to be statistically significant, Bonferroni’s adjustment is applied to account for the
possibility of a type two error.
Descriptive and Inferential Results: edTPA by the CM Exit Survey. First, the CM
Exit Survey themes were reviewed in relation to the edTPA tasks. Descriptive data and reliability
estimates were collected as noted in Table 4. Two data sets were collected, first reported as (A)
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where the institution has a data set to note and a second data set (B) provides reliability where
the teacher preparation student provided data for both the edTPA and the Exit Survey theme
simultaneously; in other words, the (B) section provides internal consistency reliability for the
data sets analyzed here. Further, the teachers’ scale or task scores were summed prior to finding
a mean. This allowed for a descriptive view of where the teacher preparation student perceived
or scored within a range for a particular theme or task. Further, an item or rubric mean was
provided below.
Table 4
Descriptive Data & Two1 Reliability Estimates for the Exit Survey (Cronbach, 1951).
N
(A)

Cronbach’
s  (A)

N
(B)

Cronbach’
s  (B)

Mean

SD

Part A. Exit Survey
Instructional Strategies (General)/ Summed/ values run
from 3 to 16

319

.88

286

.88

12.7
3.2

2.5
0.6

Planning Activities/ Summed/ values from 2 to 12

318

.82

284

.83

Assessment Strategies/ Summed/ values run from 5 to 24

310

.92

284

.92

9.4
3.1
18.3
3.0

2.1
0.7
4.2
0.7

Candidate use of Technology & Curriculum
Development/ Summed/ values run from 6 to 28

308

.92

281

.92

20.8
3.1

4.7
0.8

Diverse Learners/ Summed (values run from 8 to 36

307

.95

281

.95

Learning Environment/ Summed/ values run from 8 to 36

307

.94

281

.94

25.0
2.8
27.9
3.1

7.1
0.8
6.1
0.7

Across Pertinent Exit Scale Items

305

.88

281

.94

113.7
3.0

23.5
0.6

EdTPA Planning/ Five2 rubrics, scores from 4 to 25

419

.78

278

.76

13.5
2.7

2.5
0.5

EdTPA Instruction/ Five2 rubrics, scores from 4 to 25

418

.72

283

.73

13.5
2.7

2.2
0.4

EdTPA Assessment/ Five2 rubrics, scores from 4 to 25

406

.82

275

.82

12.4
2.5

3.3
0.6

EdTPA TOTAL/ 15 rubrics, scores from 12 to 75

389

.88

268

.88

Variable

39.2
7.3
2.6
0.4
Note. 1Reliabilities (columns three and five) are based on separate estimates. Column three reflects the entire TPP
data set, while column five is made up of figures for the present study, i.e., wherein EdTPA and Exit data exist
simultaneously (arranged by subject).
2Despite the fact that each EdTPA Task is made up of five rubrics, Minnesota rules affirm that four scores per Task
make up a “complete” task. Tasks were calculated separately, as to completion.
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There were five particular areas in which correlations may have appeared: on the edTPA,
Task 1 Planning with the CM Exit Survey theme Planning; edTPA Task 2 Instruction with the
CM Exit Survey General Instruction; edTPA Task 2 Instruction again, with both the CM Exit
Survey Technology in the Curriculum and with the CM Exit Survey Learning Environment; and
finally, edTPA Task 3 Assessment with the CM Exit Survey Assessment. As shown in Table 5,
none of the correlations proved to be significant.
Table 5
Bivariate Pearson-product-moment correlations between Exit and edTPA, using summed
variables.

edTPA
Task 1:
Planning
edTPA
Task 2:
Instruction
edTPA
Task 3:
Assessment
Exit
General
Instruction
Exit
Planning
Exit
Technology
&
Curriculum
Exit
Assessment
Exit
Diversity
Exit
Learning
Environment

r
P
N
r
P
N
r
P
N
r
P
N
r
P
N
r
P
N
r
P
N
r
P
N
r
P
N

edTPA
Task 1:
Planning

edTPA
Task 2:
Instruction

edTPA
Task 3:
Assessment

Exit
General
Instruction

Exit
Planning

1

.578**
.000
432
1

.563**
.000
428
.537**
.000
428
1

.036
.538
289
.015
.806
289
.048
.419
287
1

.030
.616
289
-.044
.460
289
.015
.805
287
.859**
.000
312
1

433

435

429

312

312

Exit
Technology
&
Curriculum
-.037
.529
289
-.055
.355
289
-.019
.750
287
.761**
.000
312
.760**
.000
312
1
312

Exit
Assessment

Exit
Diversity

Exit
Learning
Environment

.008
.893
289
-.064
.279
289
.023
.695
287
.791**
.000
312
.835**
.000
312
.816**
.000
312

-.023
.699
287
-.131*
.026
287
-.031
.599
285
.614**
.000
310
.623**
.000
310
.665**
.000
310

.003
.956
286
-.067
.256
286
.001
.984
284
.694**
.000
309
.691**
.000
309
.725**
.000
309

1

.621**
.000
310
1

.697**
.000
309
.733**
.000
309
1

312

310

309

The correlation between edTPA Task 1 Planning and the CM Exit Survey theme
Planning was r (df) = .030, p = .616, showing no correlation or validity. The correlation between
edTPA Task 2 Instruction and the CM Exit Survey theme General Instruction was r = .015, N =
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289, p = 0.806, showing no correlation or validity. The correlation between edTPA Task 2
Instruction and the CM Exit Survey theme Technology with Curriculum was r (df) = -.055, p =
.355, showing no correlation or validity. The correlation between edTPA Task 2 Instruction and
CM Exit Survey theme Learning Environment was r (df) = .067, p = .256, showing no
correlation or validity. Finally, the correlation between edTPA Task 3 Assessment and the CM
Exit Survey theme Assessment was r (df)= .023, p = 0.695, showing no correlation or validity.
Three multiple regression equations predicting each of the EdTPA metrics via Exit
Survey scales were conducted. While inspecting Table 5, it was noted that considerable
multicollinearity between independent and dependent variables existed (How2Stats, 2018). Thus,
the decision was made to only include theoretically implied variables in the linear regression
equation. In this case, edTPA Task 1 Planning and CM Exit Survey theme of Planning show no
visual evidence, in scatter plots (available upon request), to suggest the existence of
systematically non-linear relationships. Thus, for study A.1, the following model was tested
utilizing summed measures:
Model A.1: YEdTPAplan = bExitPLAN + c, where a = the model constant (e.g., where the remainder of
the model = 0, b = calculated beta weights for the specified model, and c = random error).
Results Model A.1 Predicting edTPA Planning. The results produced a model for
coefficient of determination, R2, of X < .001, clearly nonsignificant. The Exit Planning scale did
not significantly contribute to a model predicting edTPA planning, as can be seen in Table 6. A
one-way ANOVA test for model significance yielded a mean square of MSeffect = .67, MSresidual
= 6.14, F = 0.58, p = .74, confirming the non-significance of the model. In other words, the null
hypothesis of no relationship between the two planning measures could not be rejected. In short,
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no systematic relationship was detected between the two planning indices. Descriptive data for
the best least-squares regression model are shown below in Table 6.
Table 6
Linear Multiple Regression Coefficients for Model A.1.

Model
(Constant)
Exit Planning

Unstandardized Coefficients
B
13.290
.023

Standardized
Coefficients

SE



.675
.070

.020

t
19.688
.334

p
.000
.738

Further inspection of Table 5 demonstrated considerable multicollinearity. Thus, the
following model for predicting edTPA Task 2 Instruction, including Exit Survey data with most
theoretical relationships with the EdTPA, namely Summed General Instruction was created:
Model A.2: Y EdTPAInstruction = bGen_instruction_Exit + c, where a = the model constant (e.g., where the
remainder of the model = 0, b = calculated beta weights for the specified model, and c = random
error).
Results Model A.2 predicting edTPA Instruction. As was true of model A.1, model A.2
produced a non-significant model R2 of X < .001. The Exit scale of Summed General Instruction
did not significantly contribute to a model predicting EdTPA Task 2 Instruction, as can be seen in
Table 7. A one-way ANOVA test for model A.2 significance yielded a MSeffect = .31, MSresidual =
5.18, F = 0.73, p = .79 confirming the non-significance of the model. In short, no systematic
relationship was detected between the two instruction measures, i.e., failure to reject the null
hypothesis. Descriptive data for the best least-squares regression model are shown in Table 7.
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Table 7
Linear Multiple Regression Coefficients for Model A.2.

Model

Unstandardized Coefficients
B

(Constant) 13.301
Exit General Instruction

.013

SE

Standardized
Coefficients



.680
.053

t

p

19.566 .000
.015

.246

.806

Inspection of Table 5 also demonstrated considerable multicollinearity for edTPA Task 3
Assessment. Because of this, the following model was organized for predicting edTPA Task 3
assessment, including Exit Survey data with most theoretical relationships with the edTPA,
namely Summed Assessment.
Model A.3: YedTPAAssessment = bAssessment _Exit + c, where a = the model constant (e.g., where the
remainder of the model = 0, b = calculated beta weights for the specified model, and c = random
error).
As was the case of models A.1, and A.2, the third Exit Survey model produced a nonsignificant model R2 of .003. The Exit scale Summed Assessment did not significantly contribute
to a model predicting edTPA Task 3 (assessment), as can be seen below in Table 8. A one-way
ANOVA test for the model A.3 showed significance yielded a MSeffect = 1.67, MSresidual = 10.91,
F = .15, p = .70, confirming the non-significance of the prediction equation. In short, no
systematic relationship was detected between the two assessment measures; similarly, to models
A.1 and A.2, the null hypothesis cannot be rejected. Descriptive data for the best least-squares
regression model are shown below in Table 8.
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Table 8
Linear Multiple Regression Coefficients for Model A.3.

Model
(Constant)
Exit
Assessement

Unstandardized Coefficients

SE

B
12.116

.877

.018

.047

Standardized
Coefficients



t
13.818

p
.000

.023

.392

.695

Descriptive and Inferential Results: EdTPA by TTS. Data analysis for RQb compared
the independent variable, edTPA during student teaching, to the CM TTS Survey that is collected
at the end of the teachers’ first year of employment as an educator. Similar to RQa, reliability
estimates and means were gathered based on the completed dataset for both survey and
performance assessment scale.
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Table 9
Descriptive Data and Two Reliability Estimates for the TTS (Cronbach, 1951).
N Cronbach’s
(A)
1 (A)

N
(B)

Cronbach’s

(B)

Mean3

SD

Instructional Strategies (General)/ Summed/ values
run from 3 to 16

71

.70

55

.63

11.9
3.0

2.5
0.6

Planning Activities/ Summed/ values from 2 to 12

71

.71

54

.70

8.9
3.0

2.1
0.7

Assessment Strategies/ Summed/ values run from 5 to
24

70

.87

53

.86

17.7
3.0

4.1
0.7

Candidate use of Technology & Curriculum
Development/Summed/ values run from 6 to 28

68

.92

51

.91

19.4
2.8

5.3
0.8

Diverse Learners/ Summed (values run from 8 to 36

67

.91

50

.90

23.7
2.6

6.3
0.7

Learning Environment/Summed/values from 8 to 36

65

.92

48

.93

Across Pertinent TTS Scale Items

65

.93

49

.94

26.1
2.9
2.9
102.5

6.9
0.8
0.6
29.1

EdTPA Planning/Five2 rubrics, scores from 4 to 25

419

.78

66

.81

2.75
13.8

0.5
2.5

EdTPA Instruction/Five2 rubrics, scores from 4 to 25

418

.72

65

.69

2.79
14.1

0.4
1.8

Variable

Part A. TTS Survey

2.58
0.7
12.9
3.2
2.7
0.4
389
.88
64
.88
EdTPA TOTAL/ 15 rubrics, scores from 12 to 75
41.0
6.3
Note. 1Reliabilities (columns three and five) are based on separate estimates. Column three reflects the entire
available data set, while column five is made up of figures for the present study, i.e., wherein EdTPA and TTS data
exist simultaneously (arranged by subject).
2Despite the fact that each EdTPA Task is made up of five rubrics, Minnesota rules affirm that four scores per Task
make up a “complete” task. The Tasks are calculated separately, as to completion rates.
3Both summed indices (top) and averaged values (bottom) provided.
EdTPA Assessment/ Five2 rubrics,scores from 4 to 25 406

.82

66

.85

Similar to RQa, the same five areas in which correlations may have appeared exist: (a)
the edTPA Task 1 Planning with the CM TTS Survey theme Planning; (b) edTPA Task 2
Instruction with the CM TTS Survey General Instruction; (c) edTPA Task 2 Instruction With the
CM TTS Survey Technology in the Curriculum; (d) edTPA Task 2 Instruction with the CM TTS
Survey Learning Environment, and finally; (e) edTPA Task 3 Assessment with the CM TTS
Survey and Assessment. As shown in Table 10, only one of the correlations proved to be
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significant. The EdTPA variables correlated significantly in the right direction with instructional
survey results—namely, Technology & Curriculum Development.
Table 10
Pearson-product-moment Correlations between TTS and edTPA: Based on Summed Values.

edTPA
Task 1:
Planning
edTPA
Task 2:
Instruction
edTPA
Task 3:
Assessment
edTPA
Total
TTS
General
Instruction
TTS
Planning
TTS
Assessement
TTS Tech &
Curriculum
TTS
Diversity
TTS
Learning
Environment

edTPA
edTPA
edTPA Task edTPA
TTS
TTS
TTS
TTS
TTS
TTS
Task 1:
Task 2:
3:
Total
General Planning Assessment Tech and Diversity
Learning
Planning Instruction Assessment
Instruction
Curriculum
Environment
r
1
.469**
.646**
.839**
-.112
.016
-.058
.069
-.013
.029
p
.000
.000
.000
.424
.909
.679
.635
.932
.846
N
68
65
68
65
53
53
53
50
49
48
r
1
.520**
.740**
.127
.177
.059
.291
.208
.175
p
.000
.000
.373
.213
.679
.045
.160
.244
N
66
65
65
51
51
51
48
47
46
r
1
.901**
-.128
-.052
-.040
.055
-.025
.050
p
.000
.359
.713
.778
.706
.862
.737
N
68
65
53
53
53
50
49
48
r
1
-.075
-.022
-.042
.171
.087
.102
p
.605
.877
.773
.249
.563
.505
N
65
50
50
50
47
46
45
r
1
.794**
.626**
.649**
.490**
.568**
p
.000
.000
.000
.000
.000
N
71
71
71
68
67
65
r
1
.761**
.763**
.663**
.732**
p
.000
.000
.000
.000
N
71
71
68
67
65
r
1
.761**
.744**
.687**
p
.000
.000
.000
N
71
68
67
65
r
1
.794**
.708**
p
.000
.000
N
68
67
65
r
1
.638**
p
.000
N
65
r
1
p
N
65

Correlation between edTPA Task 1 Planning and the CM TTS Survey theme Planning
was 0.016 with p= 0.909, showing no correlation or validity. While the correlation between
edTPA Task 2 Instruction and the CM TTS Survey theme General Instruction was 0.127 with p=
0.373, showing no correlation or validity. Further, correlation between edTPA Task 2 Planning
and the CM TTS Survey theme Use of Technology & Curricular Development was 0.291 with p=
0.045, showing a small correlation. Finally, correlation between edTPA Task 3 Assessment and
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the CM TTS Survey theme Assessment was -0.040 with p= 0.7878, showing no correlation or
validity.
Three multiple regression equations predicting each of the EdTPA metrics via TTS
Survey data were run. Inspection of Table 10 revealed considerable multicollinearity between
independent and dependent variables. Therefore, it was decided to only include theoretically
implied variables in the linear regression equation. In running scatter plots, no visual evidence
accrued, suggesting the existence of systematically non-linear relationships. Thus, for RQb, the
following model was tested:
Model B.1: YedTPAPLAN = bTTS_Plan + c, where a = the model constant (e.g., where the remainder
of the model = 0, b = beta weights for the specified model, and c = random error).
Results Model B.1 predicting EdTPA Planning. The model R2 = 0.20 for Planning,
clearly nonsignificant. The one-way ANOVA for testing significance produced a MSeffect= 0.83,
MSResidual =6.24, with F = 0.13, p = .91. No significant prediction was detected between the two
planning indices. Descriptive data for the parameters are found in Table 11.
Table 11
Linear Multiple Regression Coefficients for Model B.1.

Model
1

(Constant)
TTS Planning

Unstandardized Coefficients
B
13.401
.019

Standardized
Coefficients

SE



1.471
.161

.016

t
9.112
.115

p
.000
.909

Because the highest correlation, in Table 10, was between EdTPA Task 2 Instruction and
TTS Use of Technology & Curricular Development and the high degree of multicollinearity
between Technology and Curriculum Development, only the latter variable was utilized in the
regression model below:
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YEdTPAInstruction = bTTS_Technology+Curric_Dev + c, where a = the model constant (e.g.,

where the remainder of the model = 0, b = beta weights for the specified model, and c = random
error).
Results Model B.2 predicting edTPA Instruction. The results produced an adjusted
model R2 = 0.065 and attained significance. The TTS scale (TECH + CURRIV DEV) did,
however, significantly contribute to a model predicting EdTPA Instruction, as can be seen in
Table 12. A one-way ANOVA test for model significance yielded a MSeffect = 13.19, MSresidual =
3.09, F = 4.27, p = .041, confirming significance of the model. In short, a small, but significant
relationship between the two indices of instruction was found. Descriptive data for the best leastsquares regression model are shown in Table 12.
Note that despite the significance of the model the effect size is relatively small at an R2
of ~.07. Thus, only about 7% of the variance is explained by the model. It must also be
recognized, that since three correlated models were run, this effect would not be considered
significant given the family-wise error rate correction (Achen, 1982) where significance would
be adjusted to /k-1, where  = the desired overall confidence level and k = the number of tests
in the family. This would reset  at 0.025—at the more conservative level, the results are
insignificant because, simply, 0.04 is greater than 0.025.
Table 12
Linear Multiple Regression Coefficients for Model B.2.

Model

1

(Constant)
TTS Use of Technology &
Curriculum

Unstandardized Coefficients

SE

B
12.232

.956

.099

.048

Standardized
Coefficients



t
12.799

p
.000

.291

2.065

.041

PREDICTING TEACHER EFFECTIVENESS

56

As noted in Table 10, there was considerable multicollinearity for edTPA Task 3
Assessment. Because of this, the following model B.3 was organized for predicting edTPA Task
3 assessment, including TTS Survey data with most theoretical relationships with the edTPA,
namely Summed Assessment. This equation is designed to predict edTPA Task 3 Assessment:
Model B.3: YedTPAAssessment = bTTS_Assess + c, where a = the model constant (e.g., where the
remainder of the model = 0, b = beta weights for the specified model, and c = random error).
Results Model B.3 predicting edTPA Assessment. The results for model B.3 regarding
edTPA Task 3 Assessment produced an adjusted model R2 = 0.018. As shown in Table 13, this
did not result in a significant effect. The TTS scale, Assessment, did not significantly contribute
to a model predicting edTPA Task 3 Assessment, as can be seen below in Table 13. ANOVA test
for model significance yielded a MSeffect= 0.85, MSresidual= 10.50, F = 0.80, p = .78. This result
confirmed the non-significance of the model descriptive data for the best least-squares regression
model are shown below in Table 13.
Table 13
Linear Multiple Regression Coefficients for Model B.3.

Model
1

(Constant)
TTS Assessement

Unstandardized Coefficients
B
13.464
-.031

Standardized
Coefficients

SE



1.952
.108

-.040

t
6.898
-.284

p
.000
.778

Descriptive and Inferential Results: EdTPA by Supervisor Survey. Finally, the edTPA
Task variables were analyzed with the CM Supervisor Survey to address RQc in terms of
reliability, means, and regression coefficients. The Supervisor Survey is collected at the end of
the teachers’ first year of employment as an educator; however, instead of sending it to the
teacher, the teachers’ supervisors are asked to complete the survey. Similar to RQa and RQb,
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reliability estimates and means were gathered based on the completed dataset for both survey and
performance assessment scale.
Table 14
Descriptive Data and Two Reliability Estimates for The Supervisor Survey (Cronbach, 1951).
N
(A)

Cronbach’s
 (A)

N
(B)

Cronbach’s 
(B)

Mean3

SD

75

.92

70

.93

14.1
3.6

2.5
0.6

74

.89

69

.87

64

.95

60

.94

10.2
3.5
19.3
3.4

2.2
0.6
4.5
0.6

Candidate use of Technology &
Curriculum Development/ Summed/
values run from 6 to 28

68

.94

63

.93

22.9
3.4

4.9
0.6

Diverse Learners/ Summed (values run
from 8 to 36

68

.94

48

.86

31.7
3.4

6.5
0.6

Learning Environment/ Summed/
values run from 8 to 36

74

.97

69

.96

31.7
3.5

6.1
0.7

Across Pertinent Supervisor Scale
Items

78

.97

72

.94

103.8
3.5

19.7
0.6

EdTPA Planning/ Five2 rubrics, scores
from 4 to 25

419

.78

81

.88

13.8
2.8

3.1
0.6

EdTPA Instruction/ Five2 rubrics,
scores from 4 to 25

418

.72

78

.70

13.6
2.8

3.1
0.4

Variable
Part A. Supervisor Survey
Instructional Strategies (General)/
Summed/ values run from 3 to 16
Planning Activities/ Summed/ values.
from 2 to 12
Assessment Strategies/ Summed/
values run from 5 to 24

EdTPA Assessment/ Five2 rubrics,
12.5
3.6
406
.82
78
.86
scores from 4 to 25
2.6
0.7
EdTPA TOTAL/ 15 rubrics, scores
39.7
8.2
389
.88
75
.91
from 12 to 75
2.7
0.5
Note. 1Reliabilities (columns three and five) are based on separate estimates. Column three reflects the entire data
set, while column five is made up of figures for the present study, i.e., wherein EdTPA and Supervisor data exist
simultaneously (arranged by subject).
2Despite the fact that each EdTPA Task is made up of five rubrics, Minnesota rules affirm that four scores per Task
make up a “complete” task. The Tasks were calculated separately, as to completion rates.
3Both summed indices (top) and averaged values (bottom) provided.

Again, similar to RQa and RQb, there were five particular areas in which correlations
may have appeared. As shown in Table 15, none of the correlations proved to be significant.
Frankly, this does not show much correlation (thus validity) for the CM Supervisor Survey.
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Table 15
Pearson-Product-Moment Correlations Between Supervisor Survey and edTPA.

edTPA
Task 1:
Planning
edTPA
Task 2:
Instruction
edTPA
Task 3:
Assessment
edTPA
Total
Supervisor
General
Instruction
Supervisor
Planning
Supervisor
Assessment

r
p
N
r
p
N
r
p
N
r
p
N
r
p
N
r
p
N
r
p
N
r
p
N

Supervisor
Technology
&
Curriculum
Supervisor r
Diversity p
N

edTPA
edTPA
edTPA
edTPA Supervisor Supervisor Supervisor Supervisor Supervisor Supervisor
Task 1:
Task 2:
Task 3:
Total
General
Planning Assessment Technology Diversity
Learning
Planning Instruction Assessment
Instruction
&
Environment
Curriculum
1
.476**
.584**
.850**
.139
.1491
.079
.128
.051
.041
.000
.000
.000
.238
.2041
.501
.277
.668
.728
74
74
73
74
74
74
74
74
74
73
1
.341**
.741**
.197
.209
.161
.112
.116
.068
.003
.000
.092
.073
.169
.342
.325
.566
74
73
74
74
74
74
74
74
73
1
.829**
.130
.093
.017
.092
.058
.077
.000
.272
.432
.890
.439
.626
.521
73
73
73
73
73
73
73
72
1
.191
.187
.086
.125
.082
.064
.103
.111
.468
.287
.488
.588
74
74
74
74
74
74
73
1
.815**
.753**
.809**
.721**
.838**
.000
.000
.000
.000
.000
79
79
79
79
79
78
1
.713**
.749**
.669**
.793**
.000
.000
.000
.000
79
79
79
79
78
1
.816**
.600**
.714**
.000
.000
.000
79
79
78
1
.633**
.730**
.000
.000
79
79
78
1
79

.707**
.000
78

Supervisor r
Learning p
Environment N

1
78

Correlation between edTPA Task 1 Planning and the CM Supervisor Survey theme
Planning was 0.149 with p = 0.204, showing no correlation or validity. For edTPA Task 2,
correlation between Instruction and the CM Supervisor Survey theme General Instruction was
0.197 with p = 0.092, between theme Technology & Curriculum development was 0.112, with p
=0.342, with the theme of Learning environments the correlation showed 0.068, with p =0.566,
showing no correlation or validity amongst the three possible themes. Further, correlation
between edTPA Task 3 Assessment and CM Supervisor Survey theme Assessment was 0.017,
with p =.890, showing no correlation or validity.
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As noted in Table 15, multicollinearity was again an issue with the CM surveys. Thus,
only the theoretically implied models for all three independent variable tasks were run. In regard
to the Supervisor Survey Planning and edTPA Task 1 Planning, the following model was
constructed:
Model C.1:

YPlanning/EdTPA = bSup_Plan + c, where c = the model constant (e.g., where the

remainder of the model = 0, b = beta weights for the specified model, and c = random error).
Results Model C.1 predicting EdTPA Planning. The adjusted R2 for Model C.1
was .009, a very small effect, and, non-significant as revealed by the one-way ANOVA and the
parameter estimates (i.e., Table 16). The ANOVA model yielded an MSeffect= 15.1, with a
MSresidual= 9.2, F = 1.64, p = .20. The parameter estimates are shown in Table 16.
Table 16
Linear Multiple Regression Coefficients for Model C.1.

Model
(Constant)
Supervisor
Planning

1

Unstandardized Coefficients

SE

B
11.724

1.621

.200

.156

Standardized
Coefficients



t
7.234

p
.000

.149

1.281

.204

Inspection of Table 15 also demonstrated considerable multicollinearity for edTPA Task
2 Instruction. Because of this, the following model was organized for predicting edTPA Task 2
Instruction, including Supervisor Survey data with most theoretical relationships with the
edTPA, namely General Instruction.
Model C.2:

YInstructEdTPA = bSup_Gen_Instrct + c
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Results Model C.2 predicting EdTPA Instruction. The model for C.2 adjusted R2=0.025,
a very small effect, and, non-significant as revealed by the one-way ANOVA and the parameter
estimates (i.e., Table 17). The ANOVA model yielded an MSeffect of 27.6, with a MSresidual of 9.5.
The F was thus 2.91, p = .09. The parameter estimates are shown below.
Table 17
Linear Regression Coefficients for Model C.2.
Coefficients
Model
(Constant)
Supervisor
Instruction

1

Unstandardized Coefficients

SE

B
10.181

2.025

.244

.143

Standardized
Coefficients



t
5.027

p
.000

.197

1.706

.092

The final model of relation between the edTPA and CM Supervisor Survey, Assessment,
again had multicollinearity as noted in Table 15; With that, the following model was organized
for predicting edTPA Task 3 assessment, including Supervisor Survey data with most theoretical
relationships with the edTPA, namely Summed Assessment.
Model C.3:

YedTPAAssessment = bSup_Assessment + c

Results Model C.3 predicting edTPA Assessment. The model adjusted R2= 0.010, a very
small effect, and, non-significant as revealed by the one-way ANOVA and the parameter
estimates (i.e., Table 18). The ANOVA model yielded a MS Effect = 0.25, with a MSresidual = 13.06,
F = 0.19, p = .89, clearly non-significant.
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Table 18
Linear Multiple Regression Coefficients for Model C.3.
Coefficients
Model
(Constant)
Supervisor
Assessment

1

Unstandardized Coefficients

SE

B
12.326

1.702

.012

.087

Standardized
Coefficients



t
7.242

p
.000

.017

.139

.890

Summary
The quantitative data were analyzed through a recursive system. First, Pearson
correlations were calculated and reported for all CM survey scales and edTPA tasks for all three
parts of the research question. This provided insight into if the edTPA task scores and CM
surveys had a mutual relationship. Next, for all instances wherein correlations were anticipated
to show in the correct direction (e.g., proved positive) and/or where probabilities approached
significance (= .2 or greater), multiple regression analyses, being more powerful than
correlations, were calculated and reported. This provided the researcher with a measure of the
relationship between the edTPA task and CM survey scale. Between all three research question
sub-parts, there was one small correlation of significance; Task 2 Instruction on the edTPA
correlated with the CM TTS Survey Use of Technology & Curriculum Development. However,
in all other cases of RQ (-c, it was not possible to prove a failed null hypothesis.
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Chapter 5
Discussion
This study adds to the literature on teacher effectiveness accountability by attempting to
provide a way of predicting that effectiveness of novice and preservice teachers while they were
still at their teacher preparation program (TPP). If possible, this approach may provide novice
teachers with a plan for improvement as they initiated their professional career. There is a wide
array of evaluative measures in education, such as Danielson’s (2013) Framework for Teaching,
The Marzano Teacher Evaluation Model (2013), the Tripod Survey (Tripod Education Partners,
2019), and national standardized student assessments. A predictive tool would help novice
teachers begin to understand their strengths and areas for improvement. It would also provide
TPPs with a stronger understanding of where program improvement may be needed. As the
reader may recall from Chapter 2, there have been several studies conducted to show predictive
validity of the Educative Teacher Performance Assessment (edTPA), yet none appeared to have
reviewed perceptions of the first-year teacher or his or her supervisor.
The research question was meant to assist in determining whether or not, or to what
degree, candidates’ edTPA scores may predict teacher effectiveness, as measured by surveys,
within the first years of teaching. This was done via investigating the statistical relationship
between the EdTPA and three survey instruments wherein candidates and first-year professionals
were asked to rate their skill levels.
This quantitative study was conducted with four years of existing data from one midsized, Minnesota public higher education institution where one of the utilized instruments,
edTPA, was required for graduation and potentially licensure, but completion of the other
instruments, Common Metrics (CM) surveys, were recommended, but not required in any way.
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Chapter 5 provides an interpretation of the findings as they relate to the literature in
Chapter 2 in relation to edTPA policies and the use of the CM surveys at TPPs. Following the
interpretation of findings, the impact of the study and implications for social change are
provided. Finally, recommendations for future action both at the mid-sized, Midwestern
university and in the field of education are addressed, including ideas for further study.
Interpretation of Findings in Light of Extant Literature
The overarching research question asked in what ways could the edTPA of teacher
candidates predict teacher effectiveness within the first years of teaching. Through utilization of
the CM surveys, as criterion referenced variables, descriptive data and reliability were reported
in Chapter 4. Additionally, linear multiple regression and coefficients of determination were
presented. An interpretation of the findings will be introduced by research question subparts, RQ
a-c, to provide clarity to each of the findings. After, overarching findings will be interpreted and
then discussed in light of the literature reviewed in Chapter 2. Finally, recommendations for
practice and for future research will be provided.
Research question sub-part a compared the CM Exit Survey with the edTPA, both occur
at the same time (during the student teaching semester). In all three models, representing analysis
of edTPA tasks 1-3, shown in Chapter 4, few systematic relationships were detected between the
indices. Additionally, the null hypothesis of any relationship could not be rejected. Further, as
evidenced by Table 5, considerable multicollinearity, meaning there are multiple variables
interconnected, existed between the CM Exit Survey scales. This makes it difficult to determine
which survey scale is meaningful in showing correlations with the edTPA tasks. In regression
analysis, independent variables are isolated to determine relational value to the dependent
variable. However, when multicollinearity exists between independent variables, a shift in one
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variable typically indicates a shift in another variable (Frost, 2020, para 4). This leads to models
that vary in conclusion because the effect of each variable is difficult to trust. When
multicollinearity is moderate, it is not always necessary to resolve (Frost, 2020). However, in the
case of the CM Exit Survey the multicollinearity is strong which suggests that the scales are
interwoven and cannot be utilized to provide output data at the scale level. A potential solution
could include shortening the survey to encourage more authentic responses (Kost & Rosa, 2018).
Multicollinearity, or intercorrelated data, can occur from participants continuously selecting the
same level on a survey, such as selecting 3s throughout instead of analyzing the question before
answering. Another possible solution would be to amend the survey to have clearer alignment to
the edTPA or Interstate New Teacher Assessment and Support Consortium’s (InTASC) model
core teaching and learning standards (Council of Chief State School Officers, 2013).
Research question sub-part b reviewed the CM Transition to Teaching (TTS) Survey as
means for comparison with the edTPA assessment. The TTS is sent out approximately one year
after the edTPA is completed, but specifically, in the spring semester in which teachers
completed year one of teaching. Similar to RQa, data analysis shown in Chapter 4 revealed
considerable multicollinearity between independent variables. There was no evidence accrued
suggesting the existence of systematically non-linear relationships. However, different than RQa,
in RQb, one of the edTPA variables correlated significantly in the right direction with the TTS
survey results—namely, Use of Technology and Curriculum Development. The TTS scale
(Summed TECH + CURRIV DEV) did, however, significantly contribute to a model predicting
edTPA Instruction, as can be seen in Table 11 confirming significance of the model. In short,
while small, there was a significant relationship between the two indices of instruction. Despite
the significance of the model only about 7% of the variance is explained. It must also be
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recognized, that since three correlated models were run and the finding was of slight
significance, Bonferroni’s adjustment was applied. To calculate the Bonferroni’s adjustment for
the family-wise error rate within this study, where significance would be adjusted to /K-1
(How2Stats, 2018). This would reset  at .025, a more conservative level. This shows that the
results are insignificant simply because the p-value was higher than .025. Experts do not agree
on whether the Bonferroni correction should be utilized when reviewing the family-wise error
rate, however, it is worth noting because of the initial statistically significant finding (How2Stats,
2018).
Research question sub-part c utilized the CM Supervisor Survey as means for comparison
with the edTPA assessment. The CM Supervisor Survey is data collected from the teachers’
supervisors at the end of their first year of teaching. In review of the bivariate Pearson-productmoment correlation of Table 15 and the five scales of the Supervisor Survey, including Planning,
General Instruction, Learning Environment, Use of Technology in Curriculum Development, and
Assessment, it was noticed that General Instruction and Task 2 Instruction had a slight
correlation. The measure of strength of association for Model C.2 had very little effect and was
found to be non-significant as revealed by the one-way ANOVA and the parameter estimates (R2
= .025; see Table 17). As the edTPA scores and CM Supervisor Surveys continue to be reported
in the coming years, it would be useful to run this analysis again to see if it does become
statistically significant, taking advantage of the higher N associated with adding cohort years to
analyses.
While many of this study’s findings proved statistically insignificant, this study was
bounded by the data previously collected at one institution. It will add to the larger body of
literature regarding the reliability and validity of the edTPA as well as fill a gap in predictive
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validity studies for the CM surveys. Likewise, it will add to the literature regarding measuring
teacher effectiveness and teaching quality.
Another consideration is the validity of the edTPA data. In the first few years of the
sample, the edTPAs, while required, exerted no influence on completion of student teaching.
However, in the last few cycles, successful completion was required for candidates to pass
student teaching, with slight increases observed in the number of complete instruments and in
scores. It may be the case that combining these years reduced the reliability and the validity of
the EdTPA.
edTPA at TPP. At the Minnesota institution utilized in this study, the edTPA data
analyzed was collected over a time period when minimum score thresholds were not required for
teacher candidates to pass student teaching, graduate the university, or to attain state licensure.
Students simply needed to complete the assessment with a numerical score; meaning they could
not have an incomplete which edTPA defines as two or more condition codes on any task.
Because of this non-requirement, self-reports by faculty and staff members at the institution
indicated that many did not stress the importance of completion or attaining high scores. One
vital finding based on the data provided in Chapter 4 in regard to the edTPA data was that a
significant tendency existed for teacher candidates who scored low on the edTPA, especially
Task 3, to rate their skills higher than did other teacher candidates. This effect is large enough to
track, though the researcher is unable to determine at this time why this might have occurred.
Once more, this might be a fundamental divergence between self-assessments and externally
scored performance assessments. This deserves the attention of researchers, practitioners, and
especially policy makers.
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With 2018 licensing alterations promulgated by the Professional Educators Licensing and
Standards Board (PELSB), the university began improving supports for teacher candidates on
this licensure requirement. That same semester, the edTPA became a requirement, or
consequential to teacher candidates at the institution. An internally determined, cumulative score
of 38, 32 in World Language, was required in programs to obtain a student teaching grade
immediately following successful completion of student teaching. A score of less than 38,
required teacher candidates to complete internal remediation with a faculty liaison to receive
their student teaching grade. As was mentioned previously, if an incomplete was received,
teacher candidates needed to work directly with Pearson to resubmit. Following resubmission,
they would receive the student teaching grade. It will be interesting for researchers to examine
edTPA and survey data relationships in a time series (Ghiselli, Cambell, & Zedeck, 1981) to see
whether tightening edTPA standards changes observed relationships.
Support was offered in the form of video and submission workshops; release from
student teaching days to have dedicated time to write commentary prompts; and workshops prior
to student teaching were created to provide information to teacher candidates around the
language utilized in the edTPA. Similarly, a faculty member was designated as a part-time
edTPA coordinator. This person then was able to provide student, faculty, and program support
regarding questions on the edTPA and program improvement measures. Within the first year,
there was a 3-point overall increase in edTPA cumulative scores (Carlson & Hoover, 2019). As
time has gone on, additional program work has been done to embed edTPA language and rubric
work into coursework. With these changes, it seems likely that edTPA scores will rise for a time
period and then will plateau. When that plateau occurs, it would make sense to run this study
again or in a similar way to determine if there is predictive validity in utilizing the CM surveys.
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Common Metrics. The CM surveys were developed by the Network for Excellence in
Teaching (NExT) consortium (NExT Work Group, 2018). While the surveys have been shown to
be internally consistent in Chapter 2 (NExT Work Group, 2018), it is difficult to clearly know
what theoretical framework was utilized in CM survey development. Through the NExT
handbook (2019), the InTASC Model Core Teaching Standards (Council of Chief State School
Officers, 2013) are referenced and the surveys are aligned to those standards, however, no
description exists of the foundation via which the surveys were developed. Because of this lack
of framework, it appears many items were added to the surveys.
The approach to development caused all survey versions to be quite long. The length of a
survey creates two issues for survey takers: (a) Participants may be overwhelmed by the number
of survey items and sometimes exit the survey, thus creating a smaller sample size than may
occur with a shorter survey; and (b) Participants may respond to items similarly (i.e., selecting all
“3’s”), thus producing unnaturally correlated results. This behavior would explain both the
internally consistent nature of the entire instrument, and in statistical terms, multicollinearity.
The length of the survey could be adjusted easily based on the findings in this research
study. Survey software such as Qualtrics could be set to utilize item sampling when distributing
the surveys to participants. This would require the scales to be utilized and a select number of
items per each scale to be sent to individuals as opposed to all of the items being sent to each
individual participant (Lord, 1965). Three benefits to limiting the survey items in this manner
would potentially include (a) a greater completion rate, (b) less multicollinearity between items
and scales and (c) more participants would consider the content of individual items as they
responded.
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Impact of the Study
As mentioned in Chapter 1 and presented in Chapter 2, policy makers have evidenced
increased scrutiny for the accountability of teachers and teacher preparation programs. Teachers
and future teachers need to participate in the accountability movement to influence policy
makers to make informed educative decisions. This quantitative study provided an analysis of
already existing quantitative assessment and perception survey data to understand whether or
not, or to what degree, a better way may exist to better measure teacher effectiveness than valueadded measures from standardized norm-referenced assessments. While there was only one
statistically significant result, this study will have impact on the researcher’s TPP. From the CM
perception survey data, it is clear there is a need for a more integrated field experience. By doing
so, the TPP would enhance the teacher candidates’ opportunities to make stronger connections
between course theories and real-life application in the areas of learning environments, diversity,
and instructional practice. To allow for a more integrated field experience TPPs could follow a
model similar to residency as described by the National Center for Teacher Residencies (NCTR,
2020). The center describes the residency model as a “district-serving teacher education program
that pairs a rigorous full-year classroom apprenticeship with masters level education content”
(NCTR, 2020, para 1). Along with more field experience, the edTPA data shows that the teacher
candidates at this institution excel in lesson planning, Task 1 of the edTPA, but need more
focused coursework and experience regarding Task 3 Assessment. Specifically, an average of
59.9% of the teacher candidates passed Task 3 between 2016 – 2019, evidencing low mean
scores for rubrics 12 and 13 regarding student feedback (Carlson & Hoover, 2019).
While NCTR directly emphasized graduate level education work, this could be applied
similarly at the undergraduate level with strong district partnerships. Teacher candidates could
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support classroom teachers for a full year, create stronger relationships with the school district,
teachers, and students within that partnership while also attending university courses to learn
theory. This hybrid approach to both classroom practical experience and theory and researchbased coursework may provide teacher candidates with a stronger foundation in the areas noted
by Carlson and Hoover (2019) regarding instructional practice and assessment.
Implications for Social Change
Social change can impact communities and organizations such as TPPs, higher education
institutions, K–12 school districts, and even licensing boards. With this research study, it is clear
that more studies need to be conducted prior to the CM surveys being required for accreditation
requirements to Minnesota’s PELSB. This study did not provide enough positive correlation or
support for requiring all teacher preparation institutions to include the CM survey findings as a
valid tool regarding program improvement.
Recommendations for Action
Based on the limited findings in this study, it would be recommended to run the study
again with more data from other institutions. Similarly, it would be worthwhile to make
adjustments and/or updates to the CM surveys to address survey and even edTPA
multicollinearity, specifically utilizing a computer software program to randomly select fewer
survey items instead of asking all items within each of the CM thematic scales.
Further Study
This study should be replicated at the same institution with current data in the next few
years. Beginning in fall of 2018, the performance assessment was taken more seriously by
students, faculty members, and the licensing agents. This has led to an increase in cumulative
task scores which may provide more insight into whether the edTPA itself could be predictive of
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teacher effectiveness within the first year of teaching. It would also be interesting to do a
comparison study with other higher education institutions who are utilizing both the edTPA and
the Common Metrics surveys for teacher preparation programs.
Likewise, further qualitative research could be conducted with focus groups of novice
teachers. These focus groups may provide insight into whether the themes of the Common
Metrics surveys or edTPA rubrics align with the perception of novice teachers in regard to what
teacher effectiveness might look and feel like. Further, individual interviews with area principals
may provide insight into their perceptions of what an effective novice teacher can and should do
in terms of performance, knowledge, and skill.
Conclusion
In summary, there were no strong correlational findings to support predictive validity
between the CM surveys and the edTPA. However, there were also no statistically significant
findings to reject the null hypothesis. Further study is recommended to expand the dataset. This
research study is a preliminary step to a future possibility of a larger study to determine if edTPA
scores could have predicative validity based on teacher and supervisor perceptions of teaching
quality and teacher quality in the classroom. It is important that educational researchers and
educators stay acclimated to the policies in regard to teacher effectiveness as well as continue to
seek out answers to better inform policymakers.
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Appendix B

Table 19
Summary of edTPA Rubrics Cross-Walked with the InTASC Model Core Teaching Standards

Task 1: Planning

InTASC Model Core Teaching Standards
The Learner
Instructional
Professional
edTPA Rubrics
and Learning
Content
Practice
Responsibility
(Standards 1-3) (Standards 4-5) (Standards 6-8) (Standards 9-10)
1. Planning for Content Understanding
2, 3
4
7, 8
2. Planning for Support Varied Student Needs
1, 2
4
7, 8
3. Using Knowledge of Students to Inform Teaching and Learning
1, 2
4
7
4. Identifying and Supporting Language Demands
1, 2
4, 5
8
1
6, 8
5. Planning Assessments to Monitor and Support Student Learning

Task 2: Instruction

6. Learning Environment

edTPA Tasks

7. Engaging Students in Learning
8. Deepening Student Learning
9. Subject- Specific Pedagogy

2, 3
2, 3
3
3

4, 5
4, 5
4, 5

8
8
8
8
9

10. Analyzing Teaching Effectiveness

Task 3: Assessment

6
6
6

11. Analysis of Student Learning
12. Providing Feedback to Guide Learning
13. Student Use of Feedback
14. Analyzing Students Language Use and Content Learning
15. Using Assessment to Inform Instruction

1, 2

4, 5
6, 7, 8

9
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Table 20
Summary of edTPA Rubric Cross-Walked with Minnesota Standards of Effective Practice

Standard 1.
Subject Matter

Standard 2.
Student
Learning

Standard 3.
Diverse
Learners

Standard 4.
Instructiona
l Strategies

1. Planning for Content
Understanding

A

D

L

2. Planning for Support Varied
Student Needs

B

C, E

3. Using Knowledge of Students to
Inform Teaching and Learning

C

A, B

4. Identifying and Supporting
Language Demands
5. Planning Assessments to
Monitor and Support Student
Learning

Standard 5.
Learning
Environment

Standard 6.
Communication

Standard 7.
Planning
Instruction

B

A

A, H

B, E, F, K, M

D, F

B

C, E

A, D, M

I

B

B

K

F

F

A, B

C, G

F

6. Learning Environment

Standard 8.
Assessment

G, I, J
B, C, G

N

K, L, M

Q

C, D, E, H

G, F

H, K

I

D

G

G

I, N

8. Deepening Student Learning

D, J

F

D

O

9. Subject- Specific Pedagogy

E

A, J

10. Analyzing Teaching
Effectiveness

G

C

F, G

B, D

L

P, Q

A, H, I, N

J

G, M

12. Providing Feedback to Guide
Learning

F

B, C

F, H

F
H, J

K, L

H

F

H

14. Analyzing Students Language
Use and Content Learning
15. Using Assessment to Inform
Instruction

C, E, J

A,E

H, I

13. Student Use of Feedback

Standard 10.
Collaboration,
Relationships

A

7. Engaging Students in Learning

11. Analysis of Student Learning

Standard 9.
Reflection &
Development

F, J
D, G

C, E, L

E

F
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Appendix D
RQ. In what way does edTPA performance assessment of teacher candidates predict teacher
effectiveness within the first years of teaching?
Table 21
Research Question and System Alignment
Research
Questions

a. To what extent can a
teacher candidate’s
edTPA score on the
individual tasks predict a
supervisor's satisfaction at
the end of teaching year
one? What correlations, if
any, exist between the
edTPA performance
assessment and the
Common Metrics
Supervisor survey?

b. To what extent can a
teacher candidate’s
edTPA score on the
individual tasks predict
the perception of the
teacher at the end of the
his or her first year of
teaching? What
correlations, if any, exist
between the edTPA
performance assessment
completed during studentteaching and the Common
Metrics Transition to
Teaching?

c. To what extent can a
teacher candidate’s
edTPA score on the
individual tasks predict
the perception of the
teacher at the end of the
his or her TPP? What
correlations, if any, exist
between the edTPA
performance assessment
completed during studentteaching and the Common
Metrics Exit survey?

Variables

Performance assessment and teacher effectiveness

Design

Correlation factor analysis by edTPA Task and CM Survey scale:
a) Cronbach’s Alpha (1951) for reliability b) Bivariate Pearson-Product Moment
Correlation c) ANOVA Linear Regression d) Bonferroni’s Adjustment, if needed.

Instrument

edTPA tasks and CM

edTPA tasks and CM

edTPA tasks and CM Exit

Supervisor Survey

TTS Survey

Survey

Technique

Assessment data; survey

Sources

Teacher candidates from
the 2015-2016, 20162017, and 2017-2018
academic years and their
supervisors at the
completion of the first
year of teaching.

Teacher candidates who completed their program from
the 2015-2016, 2016-2017, and 2017-2018 academic
years.
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Appendix E
Table 22
Thematic areas of the Common Metric Surveys Aligned with InTASC Model Core Teaching
Standards Showing Items per Theme per Survey.

Exit Survey
6

Transition to
Teaching
6

Supervisor
6

InTASC 4. Content Knowledge

2

2

2

InTASC 5. Application of Content

1

1

1

InTASC 6. Assessment

7

7

7

InTASC 7. Planning for Instruction

3

3

3

InTASC 8. Instructional Strategies

3

3

3

Diverse Learners

InTASC 2. Learning Differences

9

9

9

Learning Environment

InTASC 3. Learning Environment

8

8

8

Professionalism

InTASC 9. Professional Learning and
Ethical Practice
InTASC 10. Leadership and
Collaboration

2

2

2

5

5

5

Survey Dimension
Instructional Practice

InTASC Standards
InTASC 1. Learner Development

